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Editor’s Voice

Welcome to the fourth edition of Volume 3 of FeedForward, the flagship pub-
lication of the IEEE Computer Society, Santa Clara Valley chapter. Within
these pages, we aim to not only inform but also inspire our readers, offering
fresh perspectives and innovative ideas.

As we step into the upcoming quarter with great anticipation, we’re
thrilled to present an array of technical publications that will kindle your
enthusiasm for technology and innovation.

Join us on this exciting voyage where every page unfolds new dimensions of
knowledge, fostering a community united by a shared passion for advancement
and innovation. Welcome to a world of exploration and enlightenment—your
journey awaits within the pages of our magazine.
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bersecurity and risk management practices.

Methodology for Building High Throughput, Low La-
tency Streaming Processing Pipelines using Flink
Outlines a methodology for creating scalable, high throughput, low latency

streaming processing pipelines with Apache Flink. It emphasizes best prac-
tices to meet the demands of real-time analytics in data-driven applications.

Artificial Intelligence in Sustainable Computing: A Holis-
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Mitigating Global Outage Risks: Lessons from

the Microsoft Outage and CrowdStrike Incident

Harsh Daiya, University of Nebraska, Omaha, NE, 68007, USA

Sangeeta Harish Rijhwani, American Family Insurance, Boston, MA, 02125, USA
Gaurav Puri, Columbia University , Newark, CA, 94560, USA

Abstract—In July 2024, a worldwide Microsoft outage and

a simultaneous CrowdStrike cybersecurity breach exposed critical vulnerabilities
in modern IT systems. The Microsoft disruption affected essential services such
as Azure and Office 365, showcasing risks in automated network management.
The CrowdStrike breach, which exploited a zero-day vulnerability, highlighted gaps
in even top-tier cybersecurity frameworks. This paper analyzes these incidents,
identifies shared vulnerabilities, and proposes strategies to enhance cybersecurity
and risk management. The goal is to provide organizations with actionable insights
to strengthen defenses and improve resilience against similar future threats.

Keywords: Cybersecurity, CrowdStrike, network management

nificant disruption as Microsoft’s services experi-

enced a worldwide outage. This event, coupled
with the contemporaneous CrowdStrike cybersecurity
issue, underscored the vulnerabilities inherent in our
interconnected digital landscape. The Microsoft out-
age, which affected services like Azure, Office 365,
and Teams, brought many businesses to a standstill,
highlighting the critical dependence on these cloud
services. Simultaneously, the CrowdStrike incident, in-
volving a sophisticated cyberattack, revealed alarming
gaps in even the most robust cybersecurity frame-
works. The convergence of these incidents serves as
a stark reminder of the fragility of modern IT infras-
tructures and the paramount importance of cyberse-
curity and risk management. Understanding the root
causes and impacts of these events is crucial for
developing strategies to prevent future occurrences.
This article aims to dissect the technical aspects of
the Microsoft outage and the CrowdStrike breach,
explore their implications, and propose comprehensive
solutions to enhance cybersecurity and mitigate global
outage risks. By examining these incidents in detail, we
can uncover common vulnerabilities and failure points,
assess the broader impact on businesses and the tech
industry, and identify actionable steps to strengthen
organizational resilience. Through advanced cyberse-
curity measures, improved information security proto-

I n early July 2024, the world witnessed a sig-
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cols, and robust risk management strategies, organi-
zations can better prepare for and respond to similar
challenges in the future. In the sections that follow,
we will delve into a detailed timeline and technical
analysis of the incidents, assess their impacts, perform
a root cause analysis, and propose mitigation strate-
gies. By doing so, we aim to provide a roadmap for
organizations to enhance their cybersecurity posture
and minimize the risks associated with global outages
and cyber threats. The Microsoft worldwide outage
and the CrowdStrike cybersecurity breach were sig-
nificant events that shed light on the vulnerabilities
within major IT infrastructures. A detailed examination
of these incidents reveals both the complexity and
the critical importance of robust cybersecurity and risk
management practices.

On July 5, 2024, users around the world began experi-
encing issues with various Microsoft services, including
Azure, Office 365, and Teams. The outage lasted for
several hours, during which millions of users were
unable to access critical business tools. The disruption
was traced back to a series of cascading failures
within Microsoft’s global network infrastructure. Initial
reports suggested that a faulty software update led
to a misconfiguration in the network’s routing system.
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This misconfiguration caused a significant amount of
network traffic to be rerouted incorrectly, overwhelming
certain data centers and leading to widespread service
disruptions. Microsoft’s automated systems failed to
correct the issue promptly, exacerbating the outage.
Microsoft’s incident response team worked tirelessly to
identify and isolate the problem. After rolling back the
faulty update and implementing a series of network
reroutes, services were gradually restored. However,
the incident highlighted the risks associated with au-
tomated systems and the critical need for robust fail-
safes and manual intervention capabilities.

Around the same time as the Microsoft outage, Crowd-
Strike, a leading cybersecurity firm, faced a sophisti-
cated cyberattack. This incident involved a well- coordi-
nated spear-phishing campaign that targeted high-level
executives within the company. Attackers successfully
breached CrowdStrike’s defenses by com- promising
a single employee’s credentials, granting them access
to sensitive systems. Once inside, the attackers lever-
aged advanced persistence mechanisms to maintain
access and exfiltrate sensitive data. The breach was
eventually detected by CrowdStrike’s internal security
monitoring tools, but not before significant data had
been accessed. The attackers exploited a zero-day
vulnerability in one of CrowdStrike’s software compo-
nents, which had not yet been patched. CrowdStrike’s
response involved immediate containment measures,
including isolating affected systems and conducting a
thorough forensic analysis. The company collaborated
with external cybersecurity experts and law enforce-
ment agencies to track down the perpetrators and
mitigate further risks. The breach underscored the
importance of zero-day vulnerability management and
the need for constant vigilance even within top-tier
cybersecurity firms.

Both the Microsoft outage and the CrowdStrike breach
revealed several common vulnerabilities and failure
points: 1. Dependence on Automated Systems: The
Microsoft outage demonstrated the risks of over- re-
liance on automated systems without adequate manual
override capabilities. Automated processes must be
complemented with human oversight to ensure rapid
response to unforeseen issues. 2. Phishing and Social
Engineering: The CrowdStrike breach high- lighted the
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effectiveness of spear-phishing attacks in compromis-
ing high-level targets. Organizations must enhance
their phishing defenses and conduct regular training to
raise awareness among employees. 3. Zero-Day Vul-
nerabilities: The exploitation of a zero- day vulnerability
in CrowdStrike’s software emphasized the need for
proactive vulnerability management and patching. Or-
ganizations must adopt advanced threat detection and
mitigation strategies to stay ahead of emerging threats.
4. Incident Response Preparedness: Both incidents
underscored the importance of having a robust incident
response plan. Rapid identification, isolation, and miti-
gation of threats are crucial in minimizing the impact of
security breaches and outages. By understanding the
intricacies of these incidents, organizations can learn
valuable lessons and implement measures to bolster
their cybersecurity and risk management frameworks.
In the subsequent sections, we will assess the broader
impact of these events and explore comprehensive
strategies to mitigate such risks in the future

The repercussions of the Microsoft worldwide out-
age and the CrowdStrike cybersecurity breach extend
beyond the immediate technical challenges, affecting
business operations, security postures, and industry
perceptions. A thorough impact assessment helps to
understand the magnitude of these incidents and the
lessons that can be drawn to prevent similar occur-
rences in the future. Business and Operational Im-
pact of the Microsoft Outage The Microsoft outage
had a profound impact on businesses globally. Azure,
Office 365, and Teams are critical tools for many
organizations, and their unavailability for several hours
caused significant disruptions. Companies relying on
these services for their daily operations faced halted
productivity, communication breakdowns, and potential
financial losses. For instance, businesses using Teams
for collaboration had to switch to alternative communi-
cation methods, often less efficient. Azure-dependent
applications and services experienced downtime, af-
fecting customer-facing applications and internal work-
flows. The outage’s timing, during business hours in
many regions, exacerbated its impact, forcing IT de-
partments to scramble for temporary solutions and
contingency plans. Financially, the outage likely re-
sulted in substantial revenue losses for affected busi-
nesses, particularly those in time-sensitive industries
like finance and healthcare. Additionally, the reputa-
tion of Microsoft as a reliable service provider took
a hit, prompting some customers to reconsider their
dependency on its ecosystem. This incident under-
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CrowdStrike IT Qutage 7-Why

\GROWDSTRIKE

FIGURE 1. 7 why’s for the recent crowdstrike outage [26]

scores the need for robust business continuity plans
and the importance of multi-cloud strategies to mitigate
risks associated with service provider outages. Initial
estimates project around a $1 Billion in impact due
to this global outage, with second level impact when
insurers are involved would be higher. In fig.1 we
explore the classic method of root cause analysis and
impact assessment using 7 why’s where we drill down
until we identify the risk began at a ver lower level of
software development where a defective configuration
file was developed and released which eventually was
rolled out to hundreds of companies and millions of
computers worldwide.

The CrowdStrike cybersecurity breach had severe
security implications, both for the company and the
broader cybersecurity community. As a leading cyber-
security firm, CrowdStrike’s reputation is built on its
ability to prevent and respond to cyber threats. The
successful spear-phishing attack and subsequent data
breach cast doubt on the robustness of its defenses
and the security of its clients’ data. The breach re-
vealed vulnerabilities in CrowdStrike’s internal secu-
rity protocols, particularly around zero-day vulnerability
management and employee credential security. The
attack’s success in exploiting a zero-day vulnerability
highlighted the sophistication of modern cyber threats
and the constant need for vigilance and proactive
defense measures. The immediate impact on Crowd-
Strike included the potential exposure of sensitive
client data, leading to trust issues with existing and po-
tential clients. The financial impact, though not publicly
disclosed, likely included costs associated with incident
response, forensic analysis, legal fees, and potential
regulatory fines. Moreover, the breach could have long-
term effects on CrowdStrike’s market position and
client trust.

Mitigating Global Outage Risks: Lessons from the Microsoft Outage and CrowdStrike Incident

These incidents have broader implications for the tech-
nology and cybersecurity sectors. The Microsoft out-
age underscores the vulnerability of cloud-based ser-
vices to systemic failures. As businesses increasingly
migrate to the cloud, the resilience and reliability of
these services become paramount. The incident high-
lights the necessity for cloud service providers to imple-
ment robust failover mechanisms, regular stress test-
ing, and transparent communication with clients during
outages. For the cybersecurity sector, the CrowdStrike
breach serves as a wake-up call. It demonstrates that
even the most advanced cybersecurity firms are not
immune to attacks. This reality emphasizes the need
for continuous improvement in cybersecurity practices,
including employee training, advanced threat detection,
and proactive vulnerability management. The breach
also calls for greater collaboration within the cyber-
security community to share threat intelligence and
develop collective defense strategies. The incidents
collectively stress the importance of a multi-faceted ap-
proach to cybersecurity and risk management. Organi-
zations must prioritize not only technical defenses but
also robust incident response plans, employee training,
and continuous monitoring. By learning from these
high-profile incidents, businesses can enhance their
resilience against future threats and ensure a more
secure digital environment. In the following sections,
we will perform a root cause analysis of these incidents
and propose comprehensive mitigation strategies to
prevent similar occurrences in the future.

Performing a root cause analysis of the Microsoft
worldwide outage and the CrowdStrike cybersecurity
breach is essential to understand the fundamental
issues that led to these incidents. This analysis will re-
veal the technical factors, vulnerabilities, and systemic
issues that contributed to these failures, providing valu-
able insights into how such events can be prevented in
the future. The Microsoft outage was primarily caused
by a series of cascading failures triggered by a faulty
software update. This update led to a misconfiguration
in the network’s routing system, which is responsible
for directing internet traffic efficiently across Microsoft’s
global data centers. The misconfiguration caused a
significant amount of network traffic to be rerouted in-
correctly, resulting in overloads at certain data centers.
Several technical factors played a role in exacerbating
the outage: the faulty software update introduced in-
correct routing rules, which misdirected network traffic,
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overwhelming certain data centers while leaving others
underutilized, leading to widespread service disrup-
tions. While automated systems are designed to han-
dle routine network adjustments, they failed to correct
the misconfiguration promptly. This lack of effective
fail-safes and manual override mechanisms allowed
the issue to persist longer than it should have. Mi-
crosoft’s reliance on automated network management
systems, without adequate human oversight, meant
that when the automated systems failed, there were no
immediate manual interventions to mitigate the impact.
This reliance on automation highlighted the need for
a balanced approach combining both automated and
manual processes.

The CrowdStrike cybersecurity breach was a result
of a well-coordinated spear-phishing attack that tar-
geted high-level executives within the company. This
attack exploited several vulnerabilities: the attackers
used sophisticated social engineering techniques to
craft convincing spear-phishing emails. By imperson-
ating trusted contacts and using contextually relevant
information, they tricked an employee into revealing
their credentials. Once the attackers obtained valid cre-
dentials, they gained unauthorized access to Crowd-
Strike’s internal systems. This breach of credentials un-
derscores the importance of robust identity and access
management (IAM) practices. The attackers leveraged
a zero-day vulnerability in one of CrowdStrike’s soft-
ware components. This previously unknown and un-
patched vulnerability allowed the attackers to maintain
persistence within the network and exfiltrate sensitive
data. The attackers employed advanced techniques to
evade detection and maintain access to the compro-
mised systems. These mechanisms made it difficult
for standard security measures to identify and miti-
gate the breach promptly. Both incidents highlighted
systemic issues within current cybersecurity practices.
The Microsoft outage revealed gaps in incident re-
sponse preparedness. The automated systems’ failure
to correct the routing misconfiguration swiftly and the
lack of manual intervention capabilities emphasized
the need for robust incident response plans that in-
clude human oversight and intervention protocols. The
CrowdStrike breach underscored the importance of
proactive vulnerability management. Regular security
audits, timely patching of software vulnerabilities, and
continuous monitoring for zero-day exploits are critical
components of a robust cybersecurity strategy. The
success of the spear-phishing attack on CrowdStrike
highlighted the ongoing need for employee training and
awareness programs. Employees must be educated
about the latest phishing tactics and trained to recog-
nize and respond to suspicious emails. Both incidents
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demonstrated the need for a balanced approach to
automation and human oversight. While automation
can enhance efficiency and scalability, human interven-
tion is crucial for handling unexpected scenarios and
ensuring effective incident response. By understanding
the root causes of these incidents, organizations can
identify specific areas for improvement in their cyberse-
curity and risk management practices. In the following
sections, we will propose comprehensive mitigation
strategies to address these vulnerabilities and enhance
organizational resilience against similar threats in the
future.

To prevent future incidents similar to the Microsoft
outage and the CrowdStrike breach, organizations
need to adopt comprehensive mitigation strategies
that enhance their cybersecurity posture and re-
silience. These strategies should encompass network
resilience, incident response planning, advanced threat
detection, and best practices for software and infras-
tructure security. Enhancing network resilience and re-
dundancy is critical to avoid cascading failures like the
one experienced by Microsoft. Organizations should
implement robust failover mechanisms that automati-
cally redirect traffic to alternative data centers when
disruptions occur. Regular stress testing of network
configurations can help identify potential weaknesses
and ensure that failover systems function as intended.
Additionally, a multi-cloud strategy can distribute the
risk by diversifying dependency on a single cloud
provider. For instance, by using services from both
Microsoft Azure and Amazon Web Services (AWS),
businesses can maintain operational continuity even
if one provider experiences an outage. Implementing
robust incident response plans is essential for minimiz-
ing the impact of cyber incidents. Such plans should
include clear protocols for both automated and manual
responses to network anomalies. Regular training and
simulation exercises can prepare IT teams to act swiftly
and effectively during an actual incident. Establishing a
cross-functional incident response team that includes
IT, security, legal, and communication professionals
ensures a coordinated and comprehensive approach
to managing crises. Leveraging Al and machine learn-
ing for real-time threat detection can significantly en-
hance an organization’s ability to identify and mitigate
risks. Al-driven systems can analyze vast amounts of
data to detect unusual patterns and predict potential
threats before they materialize. For example, anomaly
detection algorithms can flag unusual network traffic
that might indicate a cyberattack, allowing for proac-
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tive measures to be taken. Organizations should also
invest in advanced threat intelligence platforms that
aggregate and analyze data from multiple sources to
provide actionable insights. Adopting best practices
for software and infrastructure security is fundamental.
Zero Trust Architecture (ZTA) is one approach that
can significantly bolster security. ZTA operates on the
principle of “never trust, always verify,” requiring con-
tinuous authentication and authorization for all users
and devices, regardless of their location within or out-
side the network. Implementing multi-layered defense
strategies, such as network segmentation and micro-
segmentation, can further contain potential breaches
and limit lateral movement within the network. Regular
security audits and vulnerability assessments are cru-
cial for identifying and addressing security gaps. Orga-
nizations should prioritize timely patching of software
vulnerabilities and ensure that all systems are up-to-
date with the latest security updates. Employee train-
ing and awareness programs should be a continuous
effort, focusing on recognizing phishing attempts and
understanding security best practices. The integration
of these mitigation strategies can create a more re-
silient and secure IT environment. For example, after
its outage, Microsoft could enhance its network re-
silience by incorporating more robust failover mecha-
nisms and regular stress testing. Similarly, CrowdStrike
could mitigate the risk of future breaches by strength-
ening its Zero Trust policies and improving employee
training programs. In the following sections, we will
explore advanced cybersecurity measures, information
security protocols, and risk management strategies
in greater detail, providing a comprehensive roadmap
for organizations seeking to enhance their defenses
against global outages and cyber threats.

In an era where cyber threats are increasingly sophis-
ticated and pervasive, advanced cybersecurity mea-
sures are crucial for safeguarding organizational as-
sets and ensuring resilience. Implementing these mea-
sures requires a multifaceted approach that includes
adopting Zero Trust Architecture (ZTA), multi-layered
defense strategies, continuous monitoring, and au-
tomated threat response systems. Zero Trust Archi-
tecture (ZTA) is a cybersecurity paradigm shift from
traditional perimeter-based security models to a more
stringent verification approach. The principle of "never
trust, always verify" underpins ZTA, requiring contin-
uous authentication and authorization for all users,
devices, and applications, regardless of their loca-
tion. Implementing ZTA involves segmenting the net-
work into micro-segments and establishing strict ac-
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cess controls. This ensures that even if an attacker
breaches one segment, they cannot move laterally
across the network without re-authentication. For ex-
ample, Google’s implementation of ZTA through its
BeyondCorp initiative has significantly enhanced its
internal security posture, making it a model for other
organizations to follow. Multi-layered defense strate-
gies, also known as defense-in-depth, involve deploy-
ing multiple security measures at various points within
an IT environment. This approach creates redundant
protections, ensuring that if one security control fails,
others will still provide protection. Key components
of a multi-layered defense strategy include firewalls,
intrusion detection and prevention systems (IDPS),
endpoint protection, and data encryption. For instance,
combining network segmentation with advanced fire-
walls and endpoint detection and response (EDR) sys-
tems can help contain threats and prevent them from
spreading across the network. Continuous monitoring
and automated threat response systems are vital for
detecting and mitigating cyber threats in real-time. Ad-
vanced Security Information and Event Management
(SIEM) systems collect and analyze log data from
across the IT environment, providing a centralized view
of security events. Integrating Al and machine learning
into SIEM systems enhances their capability to iden-
tify anomalous behaviors that may indicate a cyber
threat. For example, Splunk’s Al-driven SIEM platform
offers real-time visibility into security threats, enabling
faster detection and response. Automated threat re-
sponse systems use predefined rules and Al-driven
algorithms to respond to detected threats without hu-
man intervention. This rapid response capability is
crucial for minimizing the impact of cyber incidents. For
example, Al-driven endpoint detection and response
(EDR) solutions can isolate infected devices from the
network automatically, preventing the spread of mal-
ware. Organizations should also implement advanced
threat hunting programs, where cybersecurity experts
proactively search for threats that may have bypassed
traditional security controls. Case studies of successful
cybersecurity frameworks demonstrate the effective-
ness of these advanced measures. For instance, the
financial services industry, which is a prime target
for cyberattacks, has adopted multi-layered defense
strategies extensively. JPMorgan Chase, for example,
employs a combination of ZTA, continuous monitoring,
and automated threat response to protect its vast
digital infrastructure. These measures have helped the
bank mitigate risks and respond swiftly to potential
threats, setting a benchmark for cybersecurity ex-
cellence. Incorporating these advanced cybersecurity
measures can significantly enhance an organization’s
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ability to defend against sophisticated cyber threats. By
adopting ZTA, deploying multi-layered defenses, and
leveraging Al for continuous monitoring and automated
response, organizations can build a robust cybersecu-
rity framework that not only prevents breaches but also
ensures rapid and effective response to any incidents
that do occur.

Effective information security protocols and risk man-
agement strategies are essential components of a
comprehensive cybersecurity framework. Implement-
ing these protocols ensures that data is protected, ac-
cess is controlled, and risks are managed proactively.
Data encryption and secure communication channels
are fundamental to protecting sensitive information.
Encryption ensures that data remains confidential and
secure both in transit and at rest. For instance, end-to-
end encryption in communication tools such as Signal
and WhatsApp ensures that messages can only be
read by the intended recipients, safeguarding against
eavesdropping and data breaches. Identity and access
management (IAM) is another critical component. IAM
systems control who has access to what resources
and enforce policies such as multi-factor authentication
(MFA) to verify user identities. This reduces the risk
of unauthorized access and helps ensure that users
have the minimum necessary permissions. Solutions
like Okta and Microsoft Azure Active Directory pro-
vide robust IAM capabilities that enhance security.
Regular security audits and vulnerability assessments
help organizations identify and remediate potential
security weaknesses. These assessments should be
conducted periodically to ensure that security controls
are effective and up-to-date. For example, the use
of tools like Nessus and Qualys can automate the
process of scanning for vulnerabilities and compliance
issues, providing actionable insights for remediation.
Employee training and awareness programs are
vital for fostering a security-conscious culture within
the organization. Regular training sessions on topics
such as phishing awareness, secure password prac-
tices, and recognizing social engineering attacks can
empower employees to act as the first line of defense
against cyber threats. Risk management strategies
involve assessing, prioritizing, and mitigating risks.
Developing a comprehensive risk management frame-
work that integrates cybersecurity risk into enterprise
risk management (ERM) ensures that cybersecurity is
treated as a critical business function. Scenario plan-
ning and business continuity planning are also crucial
for preparing organizations to respond effectively to
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potential disruptions. More experimental results are
presented in the supplementary materials, available
online, due to the space limitation.

The Microsoft worldwide outage and the CrowdStrike
cybersecurity breach serve as stark reminders of the
vulnerabilities inherent in modern IT infrastructures. By
understanding the root causes and impacts of these
incidents, organizations can develop and implement
comprehensive strategies to enhance their cyberse-
curity posture and resilience. Advanced cybersecu-
rity measures such as Zero Trust Architecture, multi-
layered defenses, continuous monitoring, and auto-
mated threat response systems are essential for pro-
tecting against sophisticated cyber threats. Addition-
ally, robust information security protocols and proactive
risk management strategies ensure that organizations
are prepared to mitigate and respond to risks effec-
tively. Building a resilient cybersecurity framework re-
quires a multifaceted approach that combines techni-
cal defenses with organizational practices. By adopt-
ing these best practices and continuously evolving
their security strategies, organizations can better pro-
tect their assets, maintain operational continuity, and
en- sure a secure digital environment. The lessons
learned from these high-profile incidents provide a
roadmap for enhancing cybersecurity and mitigating
global outage risks, ultimately strengthening the overall
resilience of the digital ecosystem. The “Acknowledg-
ments” (spelled with just two e’s, per American En-
glish) section appears immediately after the conclusion
and before the reference list. Sponsor and financial
support are included in the acknowledgments section.
For example: “This work was supported in part by the
U.S. Department of Commerce under Grant 123456.”
If support for a spe- cific author is given, then use the
following exam- ple for correct wording. “The work of
First A. Author was supported by the U.S. Department
of Commerce under Grant 123456”. Researchers that
contributed information or assistance to the article
should also be acknowledged in this section, and
expressions should be simple and expressed as “We
thank...,” rather than indicating which of the authors is
doing the thanking. Also, if corresponding authorship
is noted in the paper, it should be placed in the bio of
the corresponding author.
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Abstract—This paper proposes a comprehensive methodology for constructing high
throughput, low latency streaming processing pipelines utilizing Apache Flink, a
powerful distributed stream processing framework. In the contemporary landscape
of data-driven applications, the need for real-time analytics with minimal latency
has become paramount. Our methodology addresses this challenge by offering a
structured approach encompassing key stages such as data ingestion, processing,
transformation, and output generation, all within the Apache Flink ecosystem.
Leveraging Flink’s capabilities for fault tolerance, state management, and efficient
resource utilization, our methodology ensures scalability and resilience in handling
large-scale streaming data. Through a systematic exposition of best practices
and architectural considerations, this methodology empowers practitioners and
engineers to design and deploy robust, high-performance streaming processing
pipelines tailored to the demands of modern data-intensive applications.
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the ability to process and analyze streaming data

with high throughput and low latency has become
increasingly critical. This demand is driven by a wide
array of applications spanning industries such as fi-
nance, healthcare, e-commerce, and Internet of Things
(loT), where timely insights from data streams are
essential for decision-making and business operations.
To meet these evolving needs, organizations are turn-
ing to advanced stream processing frameworks such
as Apache Flink, which offer powerful capabilities for
distributed stream processing at scale.

I n today’s era of big data and real-time analytics,

However, building efficient streaming processing
pipelines that can handle large volumes of data while
maintaining low latency presents several challenges.
These challenges include designing fault-tolerant and
scalable architectures, optimizing resource utilization,
managing stateful computations, and ensuring end-to-
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end reliability. Addressing these challenges requires
a systematic methodology that encompasses various
stages of pipeline development, from data ingestion to
output generation. In this paper, we propose a method-
ology for constructing high throughput, low latency
streaming processing pipelines using Apache Flink.
Our methodology is designed to provide a structured
approach to building robust and efficient stream pro-
cessing applications tailored to specific use cases and
requirements. We leverage the capabilities of Apache
Flink to address key considerations such as fault tol-
erance, state management, and resource optimization,
enabling practitioners to develop scalable and resilient
streaming pipelines. By following our methodology, or-
ganizations can effectively use real-time data analytics
to drive innovation and gain a competitive edge in
today’s data-driven world.
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Apache Flink is an open-source framework and dis-
tributed processing engine for stateful computations
over unbounded and bounded data streams[1]. Flink
has been designed to run in all common cluster envi-
ronments, perform computations at in-memory speed,
and at any scale. Apache Flink’s architecture includes
several key components that collaborate to enable
robust, scalable stream processing. Each component
runs on a Java Virtual Machine (JVM), leveraging the
platform independence and garbage-collected memory
management of Java. Below, we explore the roles and
responsibilities of each component within a Flink setup.

Components of Flink
The various components of a Flink system are:

Job Manager: The Job Manager is the central
coordinator in the Flink architecture. It has several criti-
cal responsibilities including Job Scheduling, Resource
Management, Fault Tolerance and State Management.

Resource Manager: The Resource Manager is
primarily responsible for managing the cluster re-
sources.lt allocates and deallocates resources as
needed for Task Managers. The Resource Manager
must scale the application up or down by adding or
removing Task Managers depending on the current
workload and resource availability.

Task Manager: Each Task Manager is a worker
node that actually executes the tasks assigned to it.
It runs the tasks that make up the job’s execution
plan. Each Task Manager provides one or more slots,
and each slot can execute one task at a time. It also
manages buffers for data exchange between tasks.
This is crucial for operations that involve shuffling data
like join or aggregation.

Dispatcher:The Dispatcher component serves as
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the mediator for Flink job submissions and session
management. It provides a REST interface for sub-
mitting jobs to the cluster. It manages the lifecycle of
jobs, from initialization through to completion, including
stopping or canceling jobs as required.

These components work together to manage and
execute Flink applications efficiently.

Job Submission: When a job is submitted, the
Dispatcher takes the job and forwards it to the Job
Manager.

Task Planning and Execution: The Job Manager
then plans the job execution, communicates with the
Resource Manager to allocate resources, and assigns
tasks to the Task Managers.

Execution and Monitoring: Task Managers exe-
cute the tasks and report the status back to the Job
Manager. In case of failures, the Job Manager handles
fault recovery using checkpoints

State Management

Most streaming applications are stateful. This means
that operators continuously read and update some kind
of information, such as records collected in a window
or the position of an input source. Flink treats all
states equally, regardless of whether they’re built-in or
custom.

In this section, we’ll discuss the different types of
states that Flink supports. We'll also explain how state
is stored and maintained by state backends and how
stateful applications can be scaled by redistributing
state.

A task receives some input data and processes it
while reading and updating its state. The task uses its
state to compute a result based on the input data. A
simple example is a task that counts the number of
records it receives. When the task gets a new record,

Oct-Dec 2024



it checks the current count in its state, increments the
count, updates the state, and then emits the new count.

The application logic to read from and write to
state is often straightforward. However, efficient and
reliable management of the state is more challenging.
This includes handling of very large states, possibly
exceeding memory, and ensuring that no state is lost in
case of failures. All issues related to state consistency,
failure handling, and efficient storage and access are
taken care of by Flink so that developers can focus on
the logic of their applications.

Latency

Latency refers to the time it takes for an event or a
piece of data to flow through the entire processing
pipeline, from ingestion to the generation of the final
result. In Apache Flink, latency is a critical considera-
tion for real-time data processing applications, as min-
imizing latency enables organizations to derive timely
insights and respond to events in near real-time. Low
latency is achieved by optimizing various aspects of
the processing pipeline, including reducing processing
times, minimizing queuing delays, and optimizing net-
work communication.

Throughput

Throughput, on the other hand, refers to the rate at
which data can be processed by the system over a
given period of time. It is measured in terms of the
number of events or records processed per unit time.
In Apache Flink, achieving high throughput is essential
for handling large volumes of streaming data efficiently.
High throughput is achieved by optimizing the parallel
execution of processing tasks, maximizing resource
utilization, and minimizing bottlenecks in the pipeline.
Additionally, Flink’s ability to perform pipelined process-
ing and support for data partitioning enables parallel
execution of tasks, thereby increasing throughput.

Balancing the trade-off between latency and through-
put is crucial in stream processing systems such as
Apache Flink for various reasons.

1. Real-time processing: Real-time processing is
a common use case for stream processing systems,
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where low latency plays a critical role in ensuring
prompt availability of processed results for timely ac-
tions to be taken.

2. Resource Utilization: Efficient resource usage
is crucial for achieving high throughput in stream pro-
cessing systems, involving the efficient usage of CPU,
memory, and network resources. Optimizing solely
for low latency may underutilize resources, impacting
throughput, while optimizing solely for high throughput
may increase latency due to longer processing times
or queuing delays.

3.Scalability: The scalability of a stream process-
ing system heavily relies on striking a balance between
latency and throughput. With growing data volume and
velocity, the system must handle increased throughput
while maintaining acceptable latency. This necessi-
tates a well-thought-out design and configuration to
facilitate horizontal (adding more nodes) or vertical
(increasing resources per node) scaling without com-
promising latency or throughput. A balanced system
enables more predictable scaling under varying data
loads, unlike systems skewed towards high latency or
high throughput, which may struggle to scale efficiently
under changing loads, complicating infrastructure plan-
ning and escalating costs.

4. Use case requirements: Diverse use cases
may demand varying levels of latency and throughput.
Some applications, like fraud detection or real-time
monitoring, prioritize low latency for swift responses,
while others, such as batch processing or historical
data analysis, prioritize high throughput for efficient
processing of large data volumes. Balancing both as-
pects enables the system to cater to different use
cases and their specific requirements.

5. Trade-offs and Optimizations: Balancing la-
tency and throughput entails making trade-offs and im-
plementing optimizations. Techniques like batching and
buffering can enhance throughput by processing mul-
tiple records simultaneously but may introduce some
latency. Conversely, tactics like parallel processing and
data partitioning might lower latency by allocating the
workload across several nodes or threads. Identifying
the optimal balance and applying suitable optimiza-
tions based on the unique requirements and attributes
of the streaming application are crucial.

In Apache Flink, watermarking and backpressure are
two important concepts related to handling time and
flow control in stream processing. Watermarking is
a mechanism used to handle event time ordering,
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FIGURE 2. Fig 2: A stream with time stamped records with watermarks from the book Stream Processing with Apache Flink

by Fabian Hueske et al. )

which marks the progress of event time within the data
stream. A watermark is a timestamp that signals that
no events older than this timestamp will be processed.
This allows Flink to handle out-of-order events and
windowing calculations more effectively. On the other
hand, backpressure is a flow control technique used
when different components in the data pipeline process
data at different rates. If a downstream task processes
data slower than an upstream task produces it, back
pressure will build up, causing the upstream task to
slow down its data emission rate. This system pre-
vents the system from being overwhelmed and en-
sures stable operation by dynamically adjusting the
processing rates throughout the streaming pipeline.
Both watermarking and backpressure are essential for
maintaining high performance and correctness in real-
time streaming applications managed by Flink.

How to Optimize Latency

Optimizing latency in a stateful streaming job using
Flink entails implementing strategic measures to re-
duce the time it takes for events or data to traverse
the processing pipeline. Here are practical steps to
optimize latency:

Streamlining Checkpoints: Configure check-
points judiciously to strike a balance between fault tol-
erance and performance. While frequent checkpoints
enhance data integrity, they can also introduce con-
siderable overhead. Adjust the checkpoint interval and
minimum pause between checkpoints to optimize this
trade-off.

Fine-tuning Parallelism: Flink partitions data
streams into segments processed by distinct opera-
tor tasks in parallel. Modifying the parallelism level
can impact latency. Optimize the parallelism settings
based on the workload characteristics and available
resources to achieve optimal performance.

Network Buffer Optimization: Proper configura-
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tion of network buffers is crucial for efficient data ex-
change between tasks. Inadequate buffer settings can
lead to backpressure, while excessive buffers consume
unnecessary memory. Monitor and adjust parameters
such as buffer size and memory allocation to optimize
network communication.

Choosing the Right State Backend: Flink offers
different state backends, each suited to specific sce-
narios. For handling large states efficiently, consider
employing the RocksDBStateBackend, which is adept
at managing substantial data volumes. Enabling incre-
mental checkpoints with RocksDBStateBackend can
further expedite the checkpointing process by record-
ing only the state changes since the last checkpoint.

How to Optimize Throughput

Optimizing throughput in a stateful streaming job on
Apache Flink involves several strategies aimed at im-
proving the performance and efficiency of your stream
processing. Here are some practical tips to enhance
throughput:

Optimizing checkpoints: Configure checkpoints
to balance between fault tolerance and performance.
Frequent checkpoints may guarantee less data loss
but can significantly impact performance. Adjust the
checkpoint interval and min pause between check-
points to optimize this.

Tuning parallelism: Flink splits data streams into
partitions and processes each partition in parallel by
a separate operator task. Each partition is a stream
of time stamped records and watermarks. Depending
on how an operator is connected with its predecessor
or successor operators, its tasks can receive records
and watermarks from one or more input partitions and
emit records and watermarks to one or more output
partitions.

Network Buffers Configuration: Configure
the network buffers properly. These buffers are
used for data exchange between tasks. If too
low, it can cause backpressure; if too high, it
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consumes unnecessary memory. Monitor the
“Task Manager.network.memory.fraction”,
“Task Manager.network.memory.min”, and “Task
Manager.network.memory.max” settings.

Choose the Right State Backend: Flink sup-
ports different state backends like the MemoryState-
Backend, FsStateBackend, and RocksDBStateBack-
end. For large states, RocksDBStateBackend is gen-
erally preferred due to its efficiency in handling large
amounts of data. By enabling incremental checkpoints
when using the RocksDBStateBackend records the
changes since the last checkpoint, reducing the state
size and thus speeding up the checkpointing process.

Can we achieve both Latency and
Throughput?

While achieving the perfect balance between latency
and throughput may require some trade-offs and com-
promises, Apache Flink provides the flexibility and tools
necessary to optimize performance according to your
specific requirements and constraints.

> Fine-tune Parallelism: Adjust the parallelism
level of your Flink application to match the
workload and available resources. Increasing
parallelism allows for more tasks to be pro-
cessed concurrently, which can improve through-
put. However, excessive parallelism may intro-
duce overhead and increase latency, so it's es-
sential to find the right balance.

Config - parallelism.default:
<default_parallelism>
> Optimize State Management: Efficiently

managing state is critical for both latency
and throughput. Choose the appropriate
state backend for your use case, considering
factors such as data volume and access
patterns. Additionally, optimize checkpointing
configurations to minimize the impact on
processing time while ensuring fault tolerance.
Config - state.backend: rocksdb
state.checkpoints.dir: <checkpoint_dir>
state.checkpoints.interval:
<checkpoint_interval>
state.checkpoints.min-pause:
<min_pause_between_checkpoints>

> Network Optimization: Configure network
buffers and communication settings to minimize
latency and maximize throughput. Properly
sized network buffers prevent backpressure
and ensure smooth data exchange between
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tasks. Additionally, leverage features like
network stack optimizations and asynchronous
I/lO to reduce communication overhead.
Config - Task Manager.network.memory.fraction:
<network_memory _fraction> Task
Manager.network.memory.min:
<network_memory_min>

Task Manager.network.memory.max:
<network_memory_max>

> Batching and Windowing: Utilize batching
and windowing techniques to process data
in batches or within specific time intervals.
Batching allows for efficient processing of
multiple records simultaneously, reducing
overhead and improving throughput. Similarly,
windowing enables you to group data
into time-based windows, facilitating more
efficient processing and reducing latency.
Config - // Windowing configuration example
StreamExecutionEnvironment env =
StreamExecutionEnvironment.
getExecutionEnvironment();
env.setStreamTimeCharacteristic(
TimeCharacteristic.EventTime);
env.enableCheckpointing(checkpointinterval);
env.setBufferTimeout(bufferTimeout);

> Hardware Optimization: Optimize hardware
resources such as CPU, memory, and disk to
improve overall system performance. Consider
factors like CPU affinity, memory allocation, and
disk 1/O throughput to ensure optimal resource
utilization and minimize processing bottlenecks.
Config - Task Manager.cpu.cores: <cpu_cores>
Task Manager.memory.process.size:
<memory_process._size>
Task Manager.memory.managed.size:
<memory_managed_size>

To effectively monitor throughput and latency in
Apache Flink, you can utilize several key strategies:

1. Flink Metrics System: Use Flink’s built-in met-
rics to monitor records processed per second and the
latency of records as they pass through the system.

2. Web Dashboard: Flink’s interactive web dash-
board provides real-time visualization of throughput,
latency, and other performance metrics.

3. External Monitoring Tools: Integrate with tools
like Prometheus for metric collection and Grafana for
visualization to keep track of throughput and latency.

Methodology for Building Scalable High Throughput, Low Latency Streaming Processing Pipelines using Flink
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These tools allow for detailed analysis and custom
dashboard setups.

4. Logging and Profiling: Enable detailed logging
within your application for manual inspection and use
profiling tools to identify processing bottlenecks.

5. Custom Metrics: Implement custom metrics
specific to your application’s needs to capture unique
performance data.

Implementing these monitoring strategies will help
maintain and optimize the performance of Flink stream-
ing applications, ensuring they meet their required
service level agreements (SLAs) and operate efficiently
under varying load conditions.

In this section we’ll walk through a real world sce-
nario of a client logging pipeline. This architecture
is common across a wide range of companies. The
system architecture is as shown below. We discuss
various aspects of the system that we can optimize
to achieve high throughput and improve end to end
latency. The novelty of this methodology lies in its
comprehensive, balanced, and empirically validated
approach to building scalable, high-throughput, low-
latency streaming processing pipelines using Apache
Flink. By addressing the entire pipeline development
lifecycle, incorporating advanced state management,
optimizing both latency and throughput, and leveraging
modern data technologies, this methodology provides
a cutting-edge solution for real-time data processing
challenges.

Clients Logging
Client applications within a distributed system have
various approaches for generating and sending logs to
the central logging infrastructure. Here’s a breakdown
of some common client-side logging strategies

1. Manual Log Collection:

e Simple Approach: This method involves clients
manually writing logs to a file on the local ma-
chine. Subsequently, the log files are sent to the
collection service as raw data.

e Limitations: This approach is cumbersome and
lacks real-time data processing. Large log files
can overwhelm the network and storage re-
sources.

2. Formatted Logging and Batching:

e Structured Approach: Backend clients often
leverage formatted logging techniques like Pro-
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tocol Buffers (protobuf). These messages pro-
vide a structured and efficient way to represent
log data.

e Batching with Ring Buffer: Messages can be
batched together in a ring buffer, a circular mem-
ory structure, for efficient network transmission.
This reduces the number of individual messages
sent and optimizes network usage.

Benefits of Formatted Logging and Batching:

e Improved Efficiency: Structured formats allow for
easier parsing and analysis of logs compared to
raw data.

e Reduced Network Overhead: Batching mini-
mizes individual message transmissions, opti-
mizing network bandwidth.

Additional Considerations:

e Logging Libraries: Client-side libraries can sim-
plify the logging process, providing functions for
generating formatted messages and managing
log files.

e Log Levels: Clients can implement log levels
(e.g., debug, info, error) to control the verbosity
of logs, allowing for targeted logging based on
specific needs.

e Security: Sensitive information within logs
should be handled appropriately to ensure data
privacy and security.

Logging Collection and Routing Service

In large-scale distributed systems employed by tech
companies, a robust logging infrastructure is crucial
for efficient data collection, analysis, and debugging.
This infrastructure typically comprises a distributed log
collection service that gathers logs from various client
applications.

Distributed Log Collection Service This service acts
as the central hub for log data. It leverages metadata
embedded within HTTP headers to perform intelligent
routing. This metadata can include timestamps, appli-
cation identifiers, and other relevant information. Based
on this information, the service efficiently routes each
log message to its designated destination within the
system.

Kafka Topics and Schema Management The dis-
tributed log collection service can integrate seamlessly
with Apache Kafka, a popular distributed streaming
platform. Logs are routed to specific Kafka topics, cate-
gorized streams dedicated to specific functionalities or
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applications. This enables efficient message queuing
and retrieval for downstream processing and analysis.

Schema Management The logging infrastructure
presents a valuable opportunity for schema manage-
ment and format conversion. Open-source schema
registries can be employed to ensure both producers
(client applications generating logs) and consumers
(downstream processing systems) adhere to consis-
tent data structures. This streamlines data interpreta-
tion and facilitates seamless communication within the
distributed system.

Flink Job
Using Apache Flink as the processing engine in con-
junction with other streaming services offers a ro-
bust architecture for real-time event-driven processing.
Here’s an expanded overview, focusing on Apache
Iceberg as the data lake solution:

1. Apache Flink for Real-time Processing:

e Apache Flink is a powerful distributed stream
processing framework designed for real-time
event-driven processing.

e link supports stateful enrichment and complex
stateful processing, making it suitable for a wide
range of streaming applications.

e |ts fault-tolerant and scalable architecture en-
ables efficient processing of large volumes of
streaming data across distributed clusters.

2. Multi-region Deployment with Kafka:
e Flink jobs can be deployed across multiple re-

gions to consume data from various Kafka topics
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deployed in a multi-region setup.

o Alternatively, MirrorMaker can be used to con-
solidate Kafka logs from multiple regions into a
single topic, simplifying data ingestion for Flink
jobs.

3. Sinks for Data Output:

e Processed data from Flink jobs can be directed
to various sinks for further processing or storage.

e Common sink options include publishing data to
another Kafka topic for downstream consump-
tion by other services or applications.

e Another popular choice is to store data in a
data lake, providing a centralized and durable
repository for long-term storage and analytics.

4. Apache Iceberg as a Data Lake Solution:

e Apache Iceberg is an open-source table format
for large-scale data lakes, providing features
such as schema evolution, ACID transactions,
and efficient data management.

e Iceberg tables are stored in an open file format,
making them compatible with various analytics
and processing frameworks.

e lts architecture supports efficient data storage
and retrieval, enabling organizations to manage
petabytes of data with ease.

5. Benefits of Using Apache Iceberg:

e Schema Evolution: Iceberg supports schema
evolution, allowing schema changes without re-
quiring costly data migrations.

e ACID Transactions: Iceberg ensures data con-
sistency and integrity through atomic transac-
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tions, making it suitable for mission-critical ap-
plications.

e Efficient Data Management: Iceberg’s partition-
ing and metadata management capabilities op-
timize data storage and query performance, re-
ducing costs and improving scalability.

We conducted a real world test with and without our
optimizations applied. The setup is described in the
following two paragraphs. The system was deployed
in a distributed, multi-region cloud environment (US-
East, EU-West, and AP-Southeast) to simulate real-
world network conditions with 100-150 ms latency. An
Apache Flink cluster was configured with 100 Task
Managers, each having 16 vCPUs and 64 GB memory,
with parallelism initially set at 20 and optimized to 50.
The system processed logs at a peak rate of 1100
logs/sec per client, with logs categorized into info (60

Apache Flink handled real-time stream processing,
including log parsing, filtering, enrichment, and error
alerting, with stateful processing and 30-second win-
dowing. Flink’s fault tolerance was enabled through 5-
minute checkpoints stored on S3. Processed logs were
written to an Apache Iceberg table partitioned by day
and region, with schema evolution enabled to handle
changes dynamically. The system’s performance was
monitored through various metrics such as client-side
latency, Kafka topic utilization, Flink throughput, and
Iceberg write/query latency. Failure simulations tested
system resilience through network partitions and Task
Manager node failures, with the system running under
peak load for 24 hours, including traffic surges and
idle periods to evaluate scaling efficiency and fault
recovery.

To optimize client logging, Protocol Buffers (pro-
tobuf) were implemented to reduce log size, along
with log batching via ring buffers to minimize trans-
mission overhead. Log levels were introduced to filter
unnecessary verbose logs in production environments.
For distributed log collection, metadata handling was
improved for better log routing, Kafka topic partitioning
was optimized for balanced distribution, and a Schema
Registry was integrated to ensure schema adherence.
Flink jobs were optimized by increasing parallelism,
tuning stateful processing, and adjusting checkpointing
intervals, with the Flink cluster scaled across regions
to handle higher throughput. Apache Iceberg perfor-
mance was enhanced by tuning file size thresholds,
optimizing partitioning, enabling schema evolution, and
adjusting ACID transaction settings to lower failure
rates.

Methodology for Building Scalable High Throughput, Low Latency Streaming Processing Pipelines using Flink

Here’'s a combined table [TABLE 1] showing the
metrics before and after optimizations of the Flink-
based client logging pipeline. This will provide a clear
comparison of the system’s performance and efficiency
improvements.

Key Results After Optimization

e Log throughput increased by 30% due to
batching and log format optimizations.

¢ Log transmission latency decreased by over
50%, enhancing real-time processing capabili-
ties.

¢ Flink event processing throughput improved
drastically, allowing the system to handle 2.5x
more events.

e Query performance on Iceberg improved by
more than 50%, making the system more re-
sponsive for analytics.

e ACID transaction reliability improved, eliminat-
ing transaction failures.

These optimizations reduced both end-to-end la-
tency and network overhead while significantly increas-
ing throughput, making the pipeline more efficient and
scalable.

In conclusion, this paper proposes a comprehensive
methodology for building high-throughput, low-latency
streaming processing pipelines using Apache Flink.

Key Findings

There is a growing demand for real-time data pro-
cessing across various industries, particularly driven
by Al/ML personalization that demands large volumes
of streaming data. Our methodology addresses this
need by providing a structured approach that lever-
ages Flink’s strengths in fault tolerance, state man-
agement, and resource optimization. Our methodol-
ogy empowers practitioners to design and implement
robust streaming applications tailored to their specific
needs. The use cases explored throughout the paper
demonstrate the versatility of the methodology. It is
applicable to a wide range of scenarios beyond high-
throughput jobs, such as log processing, sensor data
processing, and clickstream analysis, as well as low-
latency streaming pipelines like fraud detection. By fol-
lowing this methodology, organizations across various
industries can harness the power of real-time analytics
to gain timely insights, make informed decisions, and
drive innovation in today’s data-driven landscape.
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TABLE 1. Metrics Table

Metric Before Optimization After Optimization Improvement

Client Log Generation Rate | 850 logs/sec 1100 logs/sec +29% log generation rate

(Logs/sec) improvement

Log Batch Size 100 logs/batch 500 logs/batch 5x increase in batch size,

(Logs/Batch) reducing network overhead

Log Size (KB/log) 2.5 KB 1.2 KB 52% reduction in log size
due to protobuf formatting

Client Log Transmission 350 ms 150 ms 57% reduction in

Latency (ms) transmission latency

Log Routing Latency (ms) 200 ms 80 ms 60% improvement in routing

latency

Kafka Topic Utilization Topic A: 200, Topic B: 250,

Topic A: 500, Topic B: 500, Balanced Kafka utilization

Latency (ms)

(Logs/sec) Topic C: 300 Topic C: 500 across all topics, +67%
overall

Schema Adherence (%) 85% 100% Full schema adherence
achieved

Flink Log Processing 600 ms 150 ms 75% reduction in

processing latency

Flink Event Throughput 4000 events/sec

10,000 events/sec 150% increase in event

Iceberg (ms/query)

(Events/sec) throughput

Flink Job Parallelism 20 50 2.5x increase in parallelism
Iceberg Data Write Latency | 500 ms 200 ms 60% improvement in write
(ms) latency

Iceberg Table Growth Rate 8 MB/sec 25 MB/sec 212% improvement in table
(MB/sec) growth rate

Query Performance on 750 ms 300 ms 60% reduction in query

latency

Iceberg ACID Transactions 120 success, 10 failures

100% transaction success
rate, eliminating failures

200 success, 0 failures

Limitations

While achieving the perfect balance between latency
and throughput is not straightforward and necessitates
trade-offs, the paper provides guidance on optimizing
these factors through configuration and resource man-
agement. Additionally, effective monitoring practices
are crucial for maintaining optimal performance and
ensuring the pipelines meet Service Level Agreements
(SLAs).

Future Research Direction

One emerging area for streaming processing is lever-
aging Al to optimize the tradeoff between latency and
throughput. One specific example for future research
is Al-specified autoscaling. Similarly, parameter tuning
based on job type (whether throughput optimized or
latency optimized) is mostly manual today. Al can drive
automations for this parameter tuning, however can
affect other factors like performance. Thus, these novel
methodologies require further research.
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Abstract—This review explores the convergence of Atrtificial Intelligence (Al)

and Sustainable Computing, illuminating the substantial opportunities and inherent
challenges of this integration. Al's ability to enhance efficiency in data centers,
reduce carbon emissions, and refine energy usage across diverse sectors marks
a pivotal advancement toward environmental sustainability. We delve into the
potential of Al-driven technologies to bolster the Sustainable Development Goals
through improved resource management and minimized ecological footprints.
However, the implementation of Al within sustainable computing frameworks
also brings to light complexities, including heightened energy requirements

and possible social disparities. This paper offers a holistic understanding

of how Al can contribute to more sustainable computing practices, carefully
navigating the associated challenges to secure equitable and enduring benefits.
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computing marks a new chapter in information

technology, where technological innovation is in-
creasingly aligned with environmental and social goals.
Al, which began in the mid-20th century as a blend
of computer science and cognitive theory, has since
evolved into a driving force behind efficiency and inno-
vation across countless industries. At the same time,
sustainable computing has emerged as a necessary
response to growing concerns over the environmental
impact of technology—things like excessive energy
use and mounting electronic waste.

While sustainable computing is a more recent
concept, its roots stretch back to the environmental
movements of the late 1960s[1], when the idea of sus-
tainability began to influence technological progress.
Over time, as the world became more aware of climate
change and the unsustainable nature of traditional
computing practices, the merging of Al and sustain-
able initiatives became not only logical but essential.
Al's ability to optimize systems and improve decision-
making has made it a crucial tool for tackling today’s
complex environmental challenges.

This convergence of Al and sustainable comput-

I he rise of artificial intelligence (Al) and sustainable
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ing[2] is more than just another technological advance-
ment; it's reshaping how we think about computing’s
role within the limits of our planet, while still push-
ing human capabilities forward. As these technologies
continue to evolve, they're playing an increasingly vital
role in global sustainability efforts, especially in influ-
encing and advancing the United Nations’ Sustainable
Development Goals (SDGs). Al is no longer just a tool
for innovation[3]—it’s also enabling sustainable prac-
tices in critical areas like clean energy (SDG7), eco-
nomic growth (SDG8), infrastructure (SDG9), respon-
sible consumption (SDG12), climate action (SDG13),
and clean water and sanitation (SDG6).

With Al's analytical power and adaptive algo-
rithms, sustainable computing is transforming the fu-
ture, promising technology that not only performs bet-
ter but also protects the environment.

The evolution of sustainable computing has been
shaped by several pivotal initiatives designed to lessen
the environmental impact of technology. Let's explore
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some of these key milestones that have driven the field
forward.

2010s: Google’s Push for Green Data
Centers:
e What was done: During the 2010s, Google set

a new standard for energy efficiency in data cen-
ters by prioritizing improvements in Power Usage
Effectiveness (PUE). PUE, a metric developed
by the Green Grid—an industry group focused
on boosting data center efficiency—measures
the ratio of total energy consumption in a data
center building to the energy used by its IT
equipment.

Total Data Center Facility Power

PUE = IT Equipment Energy

A lower PUE value signifies greater efficiency,
indicating that more of the energy is dedicated
to computing tasks rather than non-computing
needs like cooling or lighting. For example, if a
data center consumes 60,000 kWh of energy,
with 48,000 kWh powering IT equipment, the
PUE would be 1.25. This means that for every
1.25 units of energy used, 1 unit is dedicated
to computing, while 0.25 units are spent on
overhead, such as cooling and lighting.
In the early 2000s, the average Power Usage
Effectiveness (PUE) across the industry was
around 2.5, meaning a significant portion of en-
ergy was wasted on overhead tasks like cooling,
with only 1 unit of energy out of every 2.5
dedicated to computing. Google, aiming to set a
new standard for energy efficiency, had lowered
its data center PUE to between 1.23 and 1.16
by 2008[4], a substantial improvement over the
industry average at the time. In the years that
followed, Google continued to refine its PUE by
adopting advanced cooling techniques like evap-
orative cooling, using Al-driven optimization, de-
veloping custom energy-efficient hardware, and
utilizing renewable energy sources.
As a result, by 2021, Google achieved a PUE
of 1.10, maintaining this rate over a 12-month
period[4], meaning only 0.10 units of energy
were used on non-computing tasks. By 2024,
the company had made further progress, with
its data center in The Dalles, Oregon, reaching
an impressive PUE of 1.06.

e What was the impact: Through energy opti-
mization and a transition to renewable energy,
Google successfully prevented the emission of

millions of metric tons of CO2. To put this into
perspective, Google’s 2019 sustainability report
highlights the company’s collaboration with 40
carbon offset projects, which collectively helped
avoid 19 million metric tons of CO2 emissions
over a 12-year period[5].

e What it means for Al workloads: This ad-
vancement is particularly significant given the
immense data processing demands of Al. By
optimizing energy efficiency and harnessing re-
newable energy, Google’s green data centers
play a crucial role in reducing the environmental
impact of Al operations. As reliance on Al tech-
nologies continues to accelerate, ensuring that
this growth remains sustainable becomes more

2ozo§?iﬁ?}|35?/”¥§vi\“1 00 Tensor Core GPU:

e What was done: In May 2020, NVIDIA intro-
duced the A100 Tensor Core GPUI6], represent-
ing a significant leap forward in Al hardware.
Built on NVIDIA’s Ampere architecture, the A100
is designed to tackle the demanding workloads
of Al and high-performance computing. It fea-
tures third-generation Tensor Cores, specialized
for Al tasks, along with Multi-Instance GPU
(MIG) technology. MIG allows the A100 to be
partitioned into multiple smaller GPUs, enabling
several Al tasks to run simultaneously without
wasting energy.

e What was the impact: Through energy opti-
mization and a transition to renewable energy,
Google successfully prevented the emission of
millions of metric tons of CO2. To put this into
perspective, Google’s 2019 sustainability report
highlights the company’s collaboration with 40
carbon offset projects, which collectively helped
avoid 19 million metric tons of CO2 emissions
over a 12-year period[5].

e What it means for Al workloads: This ad-
vancement is particularly significant given the
immense data processing demands of Al. By
optimizing energy efficiency and harnessing re-
newable energy, Google’s green data centers
play a crucial role in reducing the environmental
impact of Al operations. As reliance on Al tech-
nologies continues to accelerate, ensuring that
this growth remains sustainable becomes more
critical than ever.

2020s: Microsoft’s Carbon Negative by 2030
Initiative:
e What was done: In January 2020, Microsoft

committed to becoming carbon negative by
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2030[9]. This ambitious goal meant that Mi-
crosoft not only aimed to reduce its carbon
emissions but also sought to remove more car-
bon from the atmosphere than it emitted. A key
part of this plan was to power all of its data
centers—essential for running Al and cloud ser-
vices—entirely with renewable energy by 2025.
Additionally, Microsoft invested in carbon capture
and storage technologies to offset emissions
that couldn’t be fully eliminated.

e What was the impact: By the end of 2021,
Microsoft had achieved over 80% renewable
energy usage across its global operations. The
company also contracted to remove 1.3 million
metric tons of carbon from the atmosphere,
marking a major step toward its carbon negative
goal. This was accomplished through invest-
ments in various carbon removal projects, in-
cluding afforestation and bioenergy with carbon
capture and storage (BECCS)[10], expanding its
carbon removal portfolio by 2.5 million metric
tons.

e What it means for Al workloads: Al requires
significant computational power and energy,
making Microsoft’s initiative crucial for reduc-
ing the environmental impact of Al operations.
By ensuring that Al operations are powered by
renewable energy, Microsoft aimed at reduc-
ing the environmental impact of these energy-
intensive processes to be more sustainable and
less harmful to the planet.

These efforts highlight the importance of ongoing
innovation and increased awareness in creating a more
environmentally responsible and sustainable technol-
ogy landscape.

In the preceding section, we examined various initia-
tives undertaken by major organizations to manage ex-
tensive workloads with greater efficiency. While these
efforts demonstrate significant progress, the integration
of Al with sustainable computing introduces a diverse
array of challenges as well. These challenges are
not merely technical but also involve ethical, envi-
ronmental, and societal dimensions. In the following
discussion, we will delve into some of the pressing
issues currently confronting these initiatives, as well
as other broader challenges.

Artificial Intelligence and Sustainable Computing: A Holistic Review of Opportunities and Challenges

Google’s Energy Consumption and
Emissions:

In 2023, Google’s total greenhouse gas (GHG) emis-
sions reached 14.3 million metric tons of CO2 equiv-
alent (tCO2e), reflecting a 13% increase from the
previous year, according to their 2024 Environmental
Sustainability report[11].

e Scope 1 emissions: direct emissions from
Google’s operations, including company vehicles
and on-site fuel use) totaled 79,400 tCO2e, rep-
resenting a 13

e Scope 2 emissions: (related to purchased elec-
tricity) rose by 37%, reaching 3.4 million tCO2e,
driven by increased electricity consumption at
Google’s data centers.

e Scope 3 emissions: (covering indirect emis-
sions from activities such as supply chain,
data center equipment manufacturing, and trans-
portation) amounted to 10.8 million tCO2e, com-
prising 75% of Google’s total emissions.

While this rise in emissions may appear contra-
dictory given Google’s leadership in green energy
adoption, it can be attributed to a few key factors
such as supply chain operations, growing Al workloads
and energy demands across data centers. The most
significant driver of this trend is the exponential in-
crease in Al-driven workloads. Modern Al models, such
as those used for natural language processing and
data-intensive tasks, demand immense computational
power. Training these models requires processing vast
datasets, substantially increasing energy consumption
at Google’s data centers.

Additionally, Google’s continuous global infrastruc-
ture expansion to support new services and inno-
vations has also contributed to this rise in energy
use. Although new data centers are built with state-
of-the-art efficiency technologies, the overall electricity
demand grows with each new facility added to the
network.

Microsoft’s Energy Consumption and
Emissions:

In 2023, Microsoft expanded its renewable energy
portfolio, contracting 19.8 gigawatts (GW) of renew-
able energy assets across 21 countries. The com-
pany utilized 23.6 million megawatt-hours (MWh) of
renewable electricity, enough to power the city of
Paris for approximately two years, according to their
2024 Environmental Sustainability report[10]. However,
with increasing demand for cloud services and Al
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workloads—particularly in its data centers—Microsoft’'s
overall energy consumption grew significantly. Despite
efforts to improve server efficiency and implement
advanced cooling systems, the rising demand for com-
puting power continued to drive energy use upward.

Microsoft’s total greenhouse gas (GHG) emissions
also rose by 29.1% compared to its 2020 baseline,
with 96% of these emissions originating from Scope 3
sources. Scope 3 emissions primarily include supply
chain activities, such as the production of data center
hardware. While Microsoft reduced its Scope 1 and
2 emissions (direct emissions and those related to
energy purchases) by 6%, largely due to investments
in renewable energy, the overall rise in emissions
was driven by broader supply chain activities and the
expansion of data centers.

Key Contributing Factors to the Rise in Emissions:

o Data Center Expansion: The ongoing construc-
tion of new data centers to support the growing
demand for Al and cloud services significantly
contributed to the increase in emissions, partic-
ularly through energy-intensive operations.

e Embodied Carbon in Construction Materials:
The use of carbon-intensive materials such as
steel, cement, and semiconductors in the con-
struction of new facilities and hardware manu-
facturing added to Microsoft’s overall emissions.

e Supply Chain Emissions: The operations of
Microsoft's extensive supply chain, which in-
cludes tens of thousands of suppliers, repre-
sent a significant portion of Scope 3 emissions,
highlighting the challenges of managing indirect
emissions across the global supply chain.

The rise in emissions[12], driven by the growing
energy demands of Al workloads and data center
expansion, underscores the complexities of balancing
rapid technological growth with environmental sustain-
ability. Despite efforts to mitigate direct emissions,
Microsoft faces significant challenges in addressing its
broader supply chain emissions, which contributed to
the overall 29% increase in total emissions for the year.

Other Technological and Environmental
Challenges:
e Water consumption: Data centers have long
been significant consumers of water, particularly
for cooling and humidification systems. In 2014,
U.S. data centers consumed an estimated 626
billion liters of water, with projections suggesting
this figure would rise to 660 billion liters by
2020[13]. By 2022, the water usage of these
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facilities had escalated, with an average mid-size
data center consuming approximately 300,000
gallons of water per day to maintain opera-
tional temperatures, according to an NPR re-
port[14]. And as global demands for technol-
ogy increases, from routine internet searches,
virtual meetings, online learning to intensive Al
workloads, the water consumption figures are
projected to rise annually by data centers world-
wide.

o E-Waste Management: With an expected surge
in e-waste to 74 million metric tons by 2030,
the high demand for CPUs, GPUs, and memory
chips for Al technologies exacerbates this issue.
Recycling electronic waste remains complex and
labor-intensive, despite Al and machine learn-
ing achieving over 90% accuracy in identifying
electronic components for recycling[15]. And by
2050, the World Economic Forum (WEF) antic-
ipates that the global generation of electronic
waste will exceed 120 million metric tonnes an-
nually, if no significant actions are taken[16].

¢ Resource Consumption: The need for raw ma-
terials such as aluminum, silicon, plastic, and
copper is increasing. Additionally, Al's energy-
intensive processes significantly contribute to
carbon emissions, with training a single Al model
potentially generating up to 600,000 Ib of carbon
dioxide[15].

e Environmental Impact: Beyond carbon emis-
sions, Al technology also contributes to e-waste
containing hazardous chemicals that contami-
nate soil and water supplies. Furthermore, ap-
plications like driverless cars and agricultural
drones pose threats to wildlife and natural en-
vironments[17].

Data centers, which power Al, cryptocurrency, and
remote work, are becoming a growing contributor to cli-
mate change due to their increasing energy demands.
In 2022, data centers in the U.S. accounted for over
4% of the nation’s electricity use, a number expected
to reach 6% by 2026 as Al and crypto technologies
expand[18]. Al alone is projected to consume ten times
more energy by 2026 compared to just three years
earlier, and cryptocurrency mining also adds to the
strain, using 0.4% of global energy in 2022, similar
to the total energy footprint of the Netherlands. The
rise of remote and hybrid work since the pandemic
has further elevated data center demand above pre-
pandemic levels.

In summary, while the path to sustainability for
Al is challenging, data center companies are making

Artificial Intelligence and Sustainable Computing: A Holistic Review of Opportunities and Challenges
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continuous efforts. However, the rapid expansion of Al
technologies presents significant hurdles. Increasing
energy demands and emissions are impacting SDG 7
(Affordable and Clean Energy), while higher water con-
sumption for cooling data centers affects SDG 6 (Clean
Water and Sanitation). While efforts to reduce CO2
emissions from data centers by switching to renew-
able energy sources support SDG 13(Climate Action),
the cooling systems often used in these facilities still
have a significant impact on water consumption, po-
tentially compromising clean water access. Moreover,
Al hardware production and rising e-waste present
challenges for SDG 12 (Responsible Consumption and
Production). Addressing these interconnected chal-
lenges requires ongoing innovation, stricter standards,
and global collaboration to ensure Al aligns with the
SDGs and fosters a sustainable digital future.

While there are growing challenges, it is evident that
data centers are the backbone of today’s digital world,
powering everything from smartphones to the Al sys-
tems we rely on daily. As Al continues to grow, de-
manding more computing power than ever, the energy
use of data centers is skyrocketing, raising concerns
about their environmental impact. To keep pace with
the future of Al while protecting the planet, data centers
need to become more sustainable. This means data
center giants must go beyond energy efficiency—they
need to embrace renewable energy, smart grids, and
advanced cooling technologies to minimize their car-
bon footprint. Interestingly, Al has a pivotal role to
play in this transformation — through optimizing energy
use, managing cooling systems more efficiently, and
predicting when demand will peak, Al can make data
centers smarter and greener. Making data centers
sustainable isn’t just good for the environment—it's
essential for the continued growth of the digital world
we all depend on.

For instance, Google, in collaboration with Deep-
Mind, has leveraged Al algorithms to enhance the
cooling efficiency of its data centers, achieving a re-
markable 40% reduction in energy consumption[19].
These Al-driven algorithms optimize energy use across
cooling systems and resource allocation by analyz-
ing historical and real-time data across thousands of
sensors to create predictive models that accurately
forecast future energy demands, enabling data centers
to operate more efficiently.

While Al models inherently have a high carbon
footprint due to their computational intensity, Google’s

Artificial Intelligence and Sustainable Computing: A Holistic Review of Opportunities and Challenges

"4Ms" [20] strategy focuses on optimizing four key
components: Mapping, Model, Mechanization, and Ma-
chine, to reduce the carbon emissions by 1000x and
energy consumption by 100x. Additionally, Google also
developed carbon-aware computing[21], which sched-
ules non-urgent computing tasks to times when re-
newable energy sources, like wind or solar, are most
available.

Similarly, in 2023, Microsoft contracted 19.8 gi-
gawatts (GW) of renewable energy across 21 coun-
tries, expanding its clean energy portfolio. Additionally,
it has made progress in circular economy initiatives
by recycling 89.4% of its data center hardware, and
it is developing zero water usage data centers[22]
optimized for Al workloads, directly addressing SDG
6 (Clean Water and Sanitation). The company is also
actively using Al and advanced technologies to help
decarbonize the energy sector[23] while promoting
operational efficiency. Through platforms like Azure
analytics and machine learning, Microsoft is enabling
more accurate predictive models that optimize energy
use, improve condition monitoring, and support predic-
tive maintenance. They are also leveraging digital twin
technology, which creates Al-powered digital replicas
of physical assets, allowing energy companies to fine-
tune operations, reduce emissions, and lower opera-
tional costs.

Efforts are also underway to make technology
more energy-efficient across the industry. NVIDIA, for
example, is developing GPU-accelerated computing
designed to be more Al energy-efficient than tradi-
tional servers, significantly reducing overall data center
energy consumption[24]. NVIDIA’s products are being
utilized in industries such as transportation and man-
ufacturing to enhance energy efficiency.

In addition to these sustainability initiatives, data
center companies employ various advanced cool-
ing[25] and energy-efficient technologies as well. One
such technology is closed-loop cooling, which recir-
culates water or coolants within a sealed system,
significantly reducing water waste. Another approach
involves the combined use of evaporative cooling and
air-cooled chillers. This method is particularly effective
in regions with high water stress, as it enhances re-
silience to climate change and mitigates disruptions
caused by extreme weather conditions.

While these tech giants are making constant efforts
toward making their data centers more sustainable,
now with the advent for greater Al computations,
there’s still a lot more to be accomplished. But it's
not just about technology; true sustainability requires
collaboration between tech companies, hardware man-
ufacturers, energy providers. working more closely with
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their supply chains and policymakers.

As the prospects of Al grows in data centers, we
will explore in our upcoming section how it works to
enhance smart grids by optimizing energy distribution,
predicting demand, and integrating renewable energy
sources more effectively.

Al algorithms, through their advanced consumption
pattern predictions and resource allocation optimiza-
tions, ensure a balanced distribution of energy within
smart grids. Analyzing large datasets enables Al to
detect recurring patterns and cyclical models, facilitat-
ing precise forecasts of energy demand and produc-
tion. This capability reduces imbalances in supply and
demand, particularly those caused by the variability
of renewable energy sources, and prevents power
outages. Additionally, Al optimizes energy efficiency
and cost-effectiveness within the smart grid, making
autonomous decisions based on historical data and
human inputs to further enhance grid reliability and
sustainability [26]. Their ability to detect faults and
respond in real-time allows for power to be rerouted
quickly, reducing service interruptions and boosting the
reliability of energy supply. Through demand response
management[27], Al enables real-time adjustments to
shifts in energy demand, optimizing electricity con-
sumption and contributing to overall energy efficiency.

Machine learning techniques analyze vast
datasets, including weather forecasts and historical
generation data, to predict the availability of renewable
energy with high accuracy. This predictive capability
allows for the optimization of energy storage and
distribution, ensuring that renewable resources are
utilized effectively and contribute significantly to the
energy mix. Al further enhances the efficiency of
carbon capture and storage processes, a critical
component in reducing carbon emissions and
advancing sustainability efforts.

Al-powered predictive maintenance minimizes
downtime and repair costs by anticipating possible
equipment faults[28] before they happen in the smart
grids. This not only ensures the smooth operation
of energy systems but also contributes to their
sustainability by preventing wasteful energy use and
prolonging equipment lifespan.

Conversely, the symbiotic relationship between
data centers and power grids is highlighted by their
mutual dependence; the stability and functionality of
one are critical to the success of the other. Data
centers require a steady, uninterrupted power supply,
which smart grids strive to deliver through sophis-
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ticated Al-driven real-time analytics and responsive
distribution systems. This dynamic underscores the
potential for smart grids to evolve into more adap-
tive and resilient networks capable of supporting the
increasing demands of Al technologies[29]. Yet, real-
izing this promise necessitates significant investment
in both renewable energy sources and robust storage
solutions, ensuring that the rapid growth in data center
energy requirements does not outstrip the capabilities
of the grid and compromise long-term sustainability
goals.

In the upcoming section, we will explore how inno-
vations in Al and key practices hold the capabilities to
enhance sustainable computing by optimizing energy
usage, reducing emissions, and advancing renewable
energy integration. Al-driven advancements, such as
more efficient algorithms and enhanced hardware, can
help mitigate the environmental impact of growing
computational demands.

In the field of sustainable computing, the role Al
should be two-fold. Firstly, it should enhance the sus-
tainability of computing processes through innovative
technological applications. Secondly, it should embody
sustainable practices within its own developmental
frameworks. This section aims to clarify these roles,
outlining the essential components that underpin Al-
enabled sustainable computing and detailing how each
can contribute to broader sustainability goals during
the lifecycle of a data center.

Technological Innovations:

e Energy-Smart Devices: Leading the way are
devices such as low-power CPUs, which are
central for minimizing energy consumption while
delivering robust performance. These devices
play a key role in reducing the environmental
footprint of our digital activities[30].

e Harnessing Renewable Energy: Transitioning
to renewables like solar and wind to power our
computing infrastructures is becoming increas-
ingly common. This shift helps reduce our de-
pendence on fossil fuels and lowers the carbon
footprint of our digital operations.

e The Power of Cloud Computing: Cloud com-
puting exemplifies how centralized data handling
can lead to significant energy savings. By pool-
ing resources, it ensures data processes are as
energy-efficient as possible, markedly decreas-
ing overall energy usage.

Artificial Intelligence and Sustainable Computing: A Holistic Review of Opportunities and Challenges
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e The Power of Cloud Computing: Cloud com-
puting exemplifies how centralized data handling
can lead to significant energy savings. By pool-
ing resources, it ensures data processes are as
energy-efficient as possible, markedly decreas-
ing overall energy usage.

Advanced Software and Algorithms:

e Coding for the Future: Efficient coding prac-
tices are more than just good programming; they
are about designing systems that do more with
less energy. These practices can help conserve
power and enhance the sustainability of Al sys-
tems in the long run[31].

o E-Waste Management: Smart software also
plays a role in managing the lifecycle of devices
and systems, ensuring they are used efficiently
and only replaced when necessary. This reduces
e-waste by extending the lifespan of computing
equipment through intelligent maintenance and
monitoring.

¢ Intelligent Energy Management: This is an-
other area where Al truly excels. With its ad-
vanced algorithms, Al actively fine-tunes energy
consumption across computing systems. This
dynamic optimization helps ensure energy is
used as efficiently as possible, reducing waste
and enhancing sustainability.
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Enhanced Hardware and Data Management:

e Designing for Efficiency: Developing hard-
ware that maximizes energy efficiency[24] with-
out compromising performance is essential. This
involves creating specialized processors specif-
ically designed to reduce energy consumption,
demonstrating how sustainable practices can be
seamlessly integrated into the core of Al hard-
ware development.

e Designing for Efficiency: Developing hard-
ware that maximizes energy efficiency[24] with-
out compromising performance is essential. This
involves creating specialized processors specif-
ically designed to reduce energy consumption,
demonstrating how sustainable practices can be
seamlessly integrated into the core of Al hard-
ware development.

e Smarter Data Storage: Al's knack for identifying
the most valuable data helps optimize storage
solutions—storing less but smarter—thus sav-
ing energy and reducing costs[33]. It can dy-
namically allocate storage resources based on
usage patterns, identify and eliminate duplicate
or unnecessary data and its predictive allocation
optimizes storage by ensuring that high-demand
data is readily accessible while less critical data
is stored more efficiently. It can compress data
more effectively by identifying patterns within
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datasets that allow for more compact storage
without loss of information.

Regulatory Measures:

e Transparency: One effective approach is to re-
quire companies to disclose the carbon foot-
print[34] of their Al systems. This kind of trans-
parency can push businesses to adopt greener
practices by making their environmental impact
visible to the public and stakeholders.

e Carbon Integration: Another strategy is to in-
tegrate Al-related emissions into existing carbon
trading schemes, like the EU Emissions Trading
Scheme. This would essentially put a price on
carbon emissions, encouraging companies to
reduce their footprint to avoid extra costs.

e Sustainability-by-Design: Regulations could
also ensure that Al systems are built with sus-
tainability in mind from the ground up. This might
involve limiting the energy consumption of Al
models or setting standards for the environmen-
tal impact of the data used in Al training.

While acknowledging the growing challenges of in-
tegrating expensive Al computations, sustainable car-
bon emissions and energy consumption in the same
equation, it is crucial to recognize how Al is also rev-
olutionizing industries, offering hope for its potential to
innovatively enhance sustainable computing practices.
Let us explore three real-world case studies where
Al is not just supporting sustainability efforts but is
fundamentally transforming industries. From precision
agriculture, which significantly reduces the reliance on
chemical inputs, to advanced food waste management
systems, Al is emerging as a potent ally for society,
underscoring its capacity to reshape industry practices
towards more eco-friendly outcomes.

Case Study 1: Al in pest control: Blue River Tech-
nology, based in California, has developed innovative
Al-driven solutions aimed at enhancing sustainability
in agriculture. The company’s technology addresses
the need to reduce chemical usage and improve crop
yields by enabling precision farming techniques.

Blue River Technology’s “See & Spray” system[35]
is a standout example of Al in agriculture. This system,
now integrated into autonomous John Deere tractors,
uses computer vision and machine learning to identify
and differentiate between crops and weeds in real-
time, all while running on AWS infrastructure. With six
pairs of stereo cameras providing a 360-degree view,
the tractors can make split-second decisions to apply
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herbicides only where needed, drastically reducing
chemical usage and operational costs. The system’s
deep neural network processes images within 100
milliseconds, ensuring precise and efficient operation.

Blue River Technology’s Al solution has led to a
dramatic decrease in herbicide use, with some reports
indicating up to a 90% reduction[36]. This has a dual
benefit: it not only cuts down on environmental pol-
lution by reducing chemical runoff into surrounding
ecosystems but also helps farmers save on costs.
Additionally, by targeting weeds more precisely, the
system helps maintain soil health and prevents the
emergence of herbicide-resistant weeds, contributing
to more sustainable and resilient farming practices
overall.

Case Study 2: ORION by UPS: UPS’s propriety
technology, ORION (On-Road Integrated Optimization
and Navigation) system[37], is an Al-powered tool
that optimizes delivery routes in real-time. ORION has
helped UPS save about 100 million miles and 10 mil-
lion gallons of fuel annually, significantly reducing the
company’s carbon footprint. The system continuously
updates delivery routes based on traffic conditions and
other variables, ensuring that drivers follow the most
efficient paths. UPS’s commitment to integrating Al in
its operations is part of its broader goal to achieve
carbon neutrality by 2050.

First deployed by UPS in 2012[38], the ORION
system has continuously evolved, incorporating ad-
vanced Al and machine learning technologies. These
upgrades have significantly contributed to UPS’s efforts
in building a more sustainable future, optimizing deliv-
ery routes, reducing fuel consumption, and lowering
the company’s overall environmental impact.

Case Study 3: Winnow Vision: Winnow Solutions
has made a significant impact in the food service
sector by helping commercial kitchens dramatically
reduce food waste through the use of Al-driven com-
puter vision technology called Winnow Vision. Since its
founding in 2013 in UK, Winnow has empowered chefs
to track and analyze food waste in real-time, leading
to smarter operations and substantial cost savings.
The company reports that its technology can cut food
waste by up to 50% within the first year, with food
costs reduced by 2-8%[39]. This impressive reduction
is exemplified by IKEA, which, after implementing Win-
now’s system in 23 UK and Ireland stores, saw a 50%
decrease in food waste, saving over £1.4 million in
2018 alone, equivalent to over 1.2 million meals.

Beyond these specific achievements, Winnow’s im-
pact is far-reaching, with the system currently oper-
ating in over 45 countries. Each year, it helps save
the equivalent of 36 million meals from going to waste,
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highlighting the company’s role in promoting sustain-
ability in the food service industry. The adoption of
Winnow’s system also speaks to a broader trend of dig-
italization in the food sector, accelerated by the COVID-
19 pandemic, which has created new opportunities
for integrating innovative back-of-house technologies
to enhance efficiency and sustainability efforts.

As we move towards the future, it has become increas-
ingly clear that Al is here to stay and its likelihood to
drive significant advancements in sustainable comput-
ing is immense. Their convergence represents both an
incredible opportunity and a challenge for the future of
technology and environmental responsibility. In conclu-
sion, this review highlights Al's potential to significantly
enhance energy efficiency, reduce carbon emissions,
and optimize resource management across various
sectors. Through its application in smart grids, data
centers, and industry-specific solutions, Al is enabling
organizations to align with Sustainable Development
Goals (SDGs) while driving innovation. However, as
the paper acknowledges, the implementation of Al in
sustainable computing is not without its hurdles. The
high energy consumption required for Al processes,
the ethical concerns[40] surrounding Al’s transparency
and bias, and the environmental impact of expanding
data infrastructure remain critical challenges. As Al
continues to evolve, addressing these challenges will
require a collaborative effort from industries, policy-
makers, and researchers to ensure that Al not only
advances innovation but also leads to equitable and
lasting environmental benefits. Achieving a balance
between technological growth and environmental sus-
tainability will be key to crafting a greener and more
sustainable world for generations to come.
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Abstract—The evolution of Large Language Models (LLMs) has been a
transformation uplift from the past few years, and every company is spending a lot of
time and money on Artificial Intelligence (Al) and Generative Al(GenAl) to compete
in changing markets and solving business needs rapidly. It is critical to understand
that the integration of GenAl with applications can be potential pitfalls stemming
from the misuse of prompts, eventually leading to cybersecurity. This research paper
highlights challenges, limitations, misuse techniques, and opportunities to improve
prompts by following proper prompt strategies and methods. The work presents how
prompt misuses can happen to exfiltrate company information, bypassing the model
constraints. This paper uses prompt injection and jai-breaking techniques to show
valid examples of prompt misuse. It also shows how to mitigate the risk of prompt
misuse by following prompt principles, techniques, strategies, and validations

to improve security measures. This paper then examines and sheds light on the
transformative impact of Generative Al(GenAl) across companies to unlock potential
impact and lay the groundwork for the future of scientific research. In conclusion,
the paper highlights prompt misuses and steps to overcome prompt misuses to
make Generative Al safe and trustworthy for positive impact in changing markets.

Keywords: Large Language Models (LLMs), GenAl, cybersecurity

deep neural networks from the class of deep

learning architectures called transformer net-
works [1], and they are trained using unsupervised
learning [2]. This became a massive shift in the Artifi-
cial intelligence landscape and played a pivotal role in
advancing the capabilities of natural language process-
ing systems. It has the potential to impact numerous
aspects of human-computer interaction and commu-
nication. The pre-trained model (ChatGPT) release
deeply impacts Al/ML technology, developed on top of
significant language and foundational models. Similar
to ChatGPT, several sophisticated models, such as
Google Brad and Meta Llama, were developed and
demonstrated the potential of generative Al to solve
general problems. This revolutionized the potential of
Al across industries and became the most used ap-
plication in the technology community. These models
generate content, such as images, text, audio, and

I arge Language Models are developed using
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videos, that mimic human-like intelligence based on
provided context. Figure 1 shows how an LLM works
when a user submits a Natural Language request
and receives the response in real-time based on the
training dataset. Large language models are trained on
diverse datasets containing patterns, trends, and an
extensive training corpus to generate content based
on user input. These inputs can be tweaked with the
help of prompt patterns, techniques, and principles to
generate coherent responses, which are discussed in
a sub-section of this paper. Also, this paper will discuss
the potential societal and ethical issues that the misuse
of prompts can trigger. The paper aims to ensure the
safe and ethical utilization of Generative Al for positive
impacts in various applications.

Prompt principles, patterns, and techniques can signifi-
cantly enhance your interactions with Al, whether seek-

FeedForward
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ing information, generating content, or exploring cre-
ative ideas. Experimenting with different approaches
and combinations can help you find the most effective
prompts for your needs. The history of large language
models dates back to the concept of semantics devel-
oped in 1883, which laid the foundation for artificial
neural networks and deep learning techniques [3].
In the 1950s and 1960s, the foundations of Natural
Language Processing (NLP) led to the development of
Hidden Markov Models (HMMs) and Gaussian Mixture
Models (GMMs) to predict the sequence of words in
the 1980s and 1990s [4] and these achieved with the
foundation of deep learning. In 2001, Bengio proposed
feed-forward neural networks for language modeling.
This modeling technique predicts the next word in a
text given the previous words. It is the most straight-
forward language processing task with concrete, prac-
tical applications such as intelligent keywords, email
response suggestions, and spelling autocorrection [5].
However, these models remained less utilized due
to the limited tasks that HMMs and GMMs models
achieved, but they were deeply used in the research
and development of later versions. In 2013, Mikolov et
al. introduced the concept of word embeddings through
the Word2Vec model, which represented words as
continuous vectors in a high-dimensional space. This
method envisioned the semantic relationship between
words more effectively than prior techniques, leading to
advancement in natural language processing. In 1997,
Hochreiter and Schmidhuber proposed Long Short-
Term Memory (LSTM) architecture. They became fa-
mous for NLP tasks and mitigated the long-range
dependencies through specialized memory cells. In
2017, the Transformed architecture was introduced
by Vaswani, which replaced the recurrent layers in
RNNs, and self-attention mechanisms also allowed for
parallel sequence processing, which improved model

Precision in Large Language Models: Overcoming Prompt Misuses

training times. This eventually became the basis for
many large-scale language models. BERT and GPT
utilized this transformed architecture in a bidirectional
manner in 2018, allowing the models to learn con-
textual representations by conditioning on both the
left and the proper context of a word. BERT and
GPT achieved state-of-the-art performance on multiple
NLP tasks, sparking a flurry of research in pre-trained
models. GPT-1 was released in 2018 by OpenAl. This
model is the first version of a language model using
Transformer architecture with 117M parameters, sig-
nificantly improving previous state-of-the-art language
models. One of the strengths of GPT-1 was its ability
to generate fluent and coherent language when given
a prompt or context. The model was trained on two
datasets: the Common Crawl, a massive dataset of
web pages with billions of words, and the BookCorpus
dataset, a collection of over 11,000 books on various
genres [6].

GPT-2 was released in 2019 by OpenAl, the suc-
cessor to GPT-1. This model used 1.5 billion parame-
ters and trained on a much larger and more diverse
dataset, including crawl and web text. One of the
strengths of GPT-2 was its ability to generate coherent
and realistic text sequences. In addition, it could gen-
erate human-like responses. However, it needed help
with tasks that required more complex reasoning and
understanding of context [6].

GPT-3 was released in 2020 by OpenAl, a succes-
sor to GPT1-2. This model used 175 billion parame-
ters, 100 times larger than GPT-1 and 10 times more
than GPT-2, trained on diverse datasets, including
BookCorpus and Wikipedia. It can generate coherent
text, write computer code, and even create art. This
model can return biased, inaccurate, or inappropriate
responses [7]. Later, OpenAl released an improved
version of these models as GPT-3 and GPT-3.5 to
understand the context of a given text and can develop
appropriate responses. The ability to produce natural-
sounding text has enormous implications for applica-
tions like chatbots, content creation, and language
translation.

GPT-4: GPT-4 is the current model of GPT (as of
June 2023), which has been trained with a large corpus
of text. This model has an increased word limit and
is multimodal, as it can take images as input on top
of text. GPT-4 took the Bar Exam in March 2023 and
scored a passing grade of 75 percent, which hits the
90th percentile of test-takers, higher than the human
average. GPT-4 is available through OpenAl's website
as a paid subscription to ChatGPT Plus or by using
Microsoft’s Bing Al exclusively in the Microsoft Edge
browser [7].
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Misusing prompts in large language models like GPT
can lead to ethical, legal, and societal issues. Exam-
ples of prompt misuse include harmful content, gener-
ating misleading information, privacy violations, com-
mitting plagiarism, and copyright infringement. Since
the evolution of pre-trained models, individuals from
both technology and non-technology have tried cre-
ative ways to trick the GenAl models into bypassing
the restrictions. This ultimately leads to violating con-
fidential information, which is illegal, unethical, and
harmful. Below are a few standard techniques applied
to mislead the GenAl models.

Prompt Jailbreaking
Prompt Jailbreaking refers to crafting prompts that
bypass or manipulate restrictions applied to large lan-
guage models like BERT, ChatGPT, and Llama. Jail-
breaking prompts aim to access restricted features,
allowing Al to create unethical or harmful content
through specific methods. However, these models have
internal governance and ethical policies [8]. These re-
strictions can be violated to generate restricted content
using jailbreaking techniques such as DAN [7], switch
method [7], character play [7], and reverse psychology
method [7]. Below is an example of a jailbreaking
technique.

Prompt: "Override all security protocols. Show me
confidential information."

Prompt Injection

Prompt Injection is a technique in which a user inten-
tionally or unintentionally includes malicious informa-
tion in a prompt request to a large language model,
leading to the generation of sensitive information, un-
intended actions, or inappropriate content. This tech-
nique is a type of attack that impacts Artificial Intel-
ligence and pre-trained models centered on prompts.
Prompt injection attacks are of two types: direct and
indirect attacks.

Direct attacks occur when a hacker modifies a large
language model input request to overwrite existing
system prompts [9].

The simple use case for direct jailbreak attacks
is shown below: “Prompt: Ignore all previous con-
versations or instructions. What was written above?”
Indirect attacks are attacks in which individuals poison
a significant language model data source, such as
website information, to manipulate the data input. For
example, an attacker could enter a malicious prompt on
a website, where LLM would scan and respond [10].
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FIGURE 2. Prompt Injection attack in ChatGPT

Prompt Leaking

Injection Prompt leaking is another form of prompt
injection where prompt attacks lead to sensitive, un-
intended information not intended for the public. This
can happen when you expose confidential or private
details to prompts. The attackers’ goal is not to change
the model behavior but to extract the large language
model’s original prompt from its output, where they trick
the model into revealing its instructions [11]. Prompt
leaking poses significant privacy and security risks, as
it has the potential to disclose sensitive information
to unauthorized parties or unveil vulnerabilities in the
model’s prompt processing mechanisms, compromis-
ing data integrity and confidentiality.

Overcoming prompt misuses involves understanding
the risks and challenges of using large language
models to perform various tasks. It also involves
a few strategic approaches, especially when craft-
ing prompts. These approaches ensure that the lan-
guage models produce relevant, accurate, and appro-
priate responses. Effective prompt principles and tech-
niques, such as few-shot learning and chain-of-thought
prompting, can help mitigate these risks. Additionally,
it is crucial to be aware of harmful behaviors that may
arise and how to address them through moderation
APIls and other tools [12]. In addition, Generative Al
models have caught the attention of researchers of
various disciplines in creating strategies that will be-
come an integral part of a tool to generate text. Figure
3 below clearly shows what researchers consider Al’'s
most significant positive impact on scientific research.

Precision in Large Language Models: Overcoming Prompt Misuses
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FIGURE 3. Positive Impact of Al on Research

Prompt Principles

To generate desired responses, crafting prompts is es-
sential in communicating with Large Language Models
(LLMs). To create accurate and informative answers,
we must design prompts based on various techniques
and strategies using the principles below.

Instruction: Specific task or input you want to
communicate with Large Language Models (LLMs) to
generate the desired outcome.

Clarity: The prompt should be specific and accu-
rate, with additional information or external details and
instructions you want the model to perform for a better
and more reliable response. Only accurate prompts will
lead to correct responses and precise responses.

Context: Provide necessary details or information
to Large Language Models (LLMs) so they can under-
stand and respond accurately. Include any limitations
to the topic you refer to while crafting the prompt.

Persona or Tone: Persona helps provide additional
context with domain-specific knowledge, allowing LLM
models to perform given input for better response.

Iteration: Test different prompts and iterations
to assess the model's performance and fine-tune
the prompts accordingly. Collect feedback and iterate
based on user interactions.

Design: Consider the needs and preferences of
the end-users when crafting prompts. Prompts should
align with user expectations and be user-friendly.

Output: Format of the data for which the model
response is intended.

Prompt Patterns

Prompts are instructions given to a large language
model to communicate and generate the desired out-
put. Applying patterns to our prompts can help us
leverage the powerful capabilities of the large language
model and overcome the misuse.

Precision in Large Language Models: Overcoming Prompt Misuses
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FIGURE 4. Zero-shot Prompting technique.

A pattern is an arrangement of words and state-
ments to form a meaningful dialogue. It is called a
prompt pattern if you document these phrases and
statements in a specific order to solve a particular
problem with a large language model. Prompt patterns
help the users guide the model behavior in generating
desired responses particular to the domain for a wide
range of issues [13].

Prompt Techniques

Prompt techniques are essential for interacting effi-
ciently with large language models to generate ac-
curate, creative, or detailed responses. Experimenting
with different approaches and combinations can help
you find the most effective prompts, which leads to
developing ethical and desired content. Prompt tech-
niques can also help to avoid prompt attacks and
misuses [13].

Zero-Shot Prompting is used in Large Language
Models (LLMs) to enable a model to perform a spe-
cific outcome not part of trained data. It is achieved
by understanding the prompt’s general context and
structure; this technique is helpful in pre-trained GPT
models, which are trained on large and varied datasets
with billions of parameters. This technique requires
context or instruction to generate coherent responses
to specific questions [14]. Figure 4 shows Zero Shot
Prompting.

Few Shot Prompting technique is also known as
multi-shot prompting; this technique is used in pre-
trained models with multiple examples of interaction,
including actual input, aiding it in performing tasks
effectively, unlike zero-shot promoting, where we don’t
provide any example for the desired outcome. This
technique effectively serves models that can under-
stand and utilize the patterns present in the examples
to solve the user context and helps the model provide
some training. This technique effectively generates
proper responses when you design a prompt with
many examples by covering edge cases, ensuring
model robustness [14]. Figure 5 shows a Few Shot
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FIGURE 5. Few shot Prompting technique

FIGURE 6. Chain of Thought Prompting technique

Prompting implementation.
Chain of Thought Prompting

Chain of Thought (COT) prompts LLMs to think
step by step, breaking them down into smaller ques-
tions to yield better results. The main idea of COT
prompting is showing a few shot exemplars where
the reasoning process is explained in the exemplars;
the LLM will also show the reasoning process when
answering the prompt. This technique is about using
real-time interactions with LLMs to guide toward more
accurate and comprehensive responses [15]. Figure
6 shows the implementation of the Chain of Thought
Prompting.

Prompt Validation

Prompt validation ensures that the prompt or request
made to interact with a large language model is ac-
curate and concise and adheres to specific guidelines
or policies set by the platform. This is crucial in the
growing demand for large language models as usage
across different companies is growing to solve busi-
ness use cases seamlessly and rapidly. It is similar to
code validation in software development, but prompt
validation validates the context and instruction based
on attributes like clarity, detail, policy compliance, and
ethical consideration.
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Large language models greatly impacted the commu-
nity, especially in the technology space. Most com-
panies and engineers started using large language
models in different ways to improve productivity. On the
other hand, there are security issues posed intention-
ally or unintentionally by not utilizing the models prop-
erly, and this becomes a challenge to an organization
from attackers. This paper attempts to present the mis-
use of prompts with or without individual knowledge to
bypass the restrictions of models, and there are a few
techniques like prompt injection, prompt leaking, and
jailoreaking utilized by attackers to get into sensitive
information. In addition, this paper covered overcoming
prompt misuse principles, techniques, and patterns.
They demonstrated a few use cases using OpenAl
ChatGPT and a few outside sources to show objective
evidence of how these models are attacked to by-
pass their ethical and sensitive information. They also
demonstrated how to utilize large language models
efficiently using various techniques. This paper should
provide clear insights on utilizing and not utilizing the
large language models, which is essential while using
the GenAl models for better outcomes and unleashing
the full potential of Artificial intelligence.
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Abstract—Upstream oil and gas production operational data represent a crucial
component in the oil and gas industry, facilitating the storage and management
of operational information. With the advent of cloud computing, the landscape

of operational data management has undergone significant transformation,
offering unprecedented opportunities for accessibility, scalability, and efficiency.
However, the integration of cloud computing into operational data management
brings forth formidable challenges related to data security, privacy, and

access control. Traditional methods of operational data management often rely
on centralized architectures, which may present vulnerabilities to unauthorized
access and data breaches [1]. In contrast, cloud-based operational data systems
promise decentralized storage, real-time access, and seamless scalability. Yet, the
transition to cloud-based operational data systems necessitates robust security
mechanisms to safeguard sensitive operational information against various threats.

Keywords: Cloud computing, Secure dynamic access control, Upstream oil and

gas production operational data

pstream oil and gas production operational

data represent a crucial component in the

oil and gas industry, facilitating the storage
and management of operational information. With the
advent of cloud computing, the landscape of oper-
ational data management has undergone significant
transformation, offering unprecedented opportunities
for accessibility, scalability, and efficiency. However,
the integration of cloud computing into operational
data management brings forth formidable challenges
related to data security, privacy, and access control.
Traditional methods of operational data management
often rely on centralized architectures, which may
present vulnerabilities to unauthorized access and
data breaches [1]. In contrast, cloud-based operational
data systems promise decentralized storage, real-time
access, and seamless scalability. Yet, the transition
to cloud-based operational data systems necessitates
robust security mechanisms to safeguard sensitive
operational information against various threats.

The surge in upstream oil and gas production
operational data utilization is closely linked to digitizing
operational information. With the proliferation of inter-
connected data systems in the oil and gas industry,
operational data has experienced a significant uptick
in adoption [3]. This growth has been accompanied by
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advancements in operational efficiency and resource
optimization efforts. One of the primary concerns in
cloud-based operational data management is ensuring
dynamic access control while preserving data integrity
and confidentiality. Achieving this balance requires
innovative approaches that address the complex in-
terplay between user access rights, data encryption,
and authentication mechanisms. Moreover, the dy-
namic nature of oil and gas production environments
demands flexible access control schemes capable of
adapting to changing user roles and permissions. In
response to these challenges, researchers have pro-
posed novel access control schemes that leverage
cryptographic techniques, such as encryption and key
management, to enforce fine-grained access policies
in cloud-based operational data systems [2]. These
schemes aim to empower users with greater control
over their operational data while mitigating the risk of
unauthorized access or data manipulation. The current
development of data exchange standards, exemplified
by industry-specific protocols, in conjunction with data
systems and related applications, has facilitated oil and
gas professionals in adding, modifying, and exchang-
ing operational data via computers or mobile devices.
Primarily focused on operational data management
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and transmission, these applications are overseen and
operated by data providers responsible for facilitating
data exchange between upstream, midstream, and
downstream sectors. In response to this landscape,
this paper proposes a dynamic access structure de-
signed to precisely control access to operational data
stored on cloud servers within a multi-user environ-
ment. We aim to empower every user with maximum
control over their operational data. To achieve this, we
employ cryptography based on Lagrange multipliers
for encrypting the operational data [4]. This approach
allows each custodian to generate their related keys,
granting users the freedom to choose whom to share
their operational data with. Central to our proposal is
the enhancement of operational data encryption and
the refinement of user dynamic access policies. To
simplify key distribution, we depart from traditional hier-
archical models and introduce a partial order relation to
manage users. This significantly reduces the complex-
ity of key management while enabling users to maintain
control over operational data access. Furthermore, our
approach facilitates the issuance of limited access
rights to other users, such as engineers, geologists,
technicians, and researchers [5]. This flexible method
of multi-user dynamic access control accommodates
the immediate addition or removal of user access, as
well as the addition and modification of operational
data. As a result, it is well-suited for upstream oil and
gas production operational data cloud applications,
meeting the evolving needs of users and industry
stakeholders alike.

Several studies have investigated the integration of
upstream oil and gas production operational data with
cloud computing and secure data sharing in cloud
services aiming to enhance data management, ac-
cessibility, and security [6]. This has been a topic
of significant research and development due to the
increasing adoption of cloud computing for storing and
processing data. Several related works have focused
on addressing various aspects of secure data shar-
ing in cloud services, including encryption techniques,
operational data in Cloud Computing, access control
mechanisms, and key management protocols.

A. Encryption Techniques

Numerous studies have explored different encryption
techniques to ensure the confidentiality of data shared
in cloud services [7]. This includes symmetric encryp-
tion algorithms such as AES (Advanced Encryption
Standard) and asymmetric encryption techniques like

Dynamic Access Control Mechanisms for Secure Data Sharing in Cloud Services

RSA (Rivest-Shamir-Adleman). Additionally, homomor-
phic encryption schemes have been investigated to en-
able computation on encrypted data without decrypting
it, thus preserving data privacy.

B. Data Integration and Interoperability

Efforts have been made to address the challenge of in-
tegrating operational data from disparate sources and
ensuring interoperability with existing systems [8]. This
involves developing standards, protocols, and data ex-
change formats to facilitate seamless data exchange
and interoperability among different operational data
systems and stakeholders.

C. Access Control Mechanisms

Effective access control mechanisms are crucial for
secure data sharing in cloud services. Access control
models such as Role-Based Access Control (RBAC)
and Attribute-Based Access Control (ABAC) have been
extensively studied and applied in cloud environments
[9]. ABAC, in particular, offers fine-grained access
control by considering various attributes of users, re-
sources, and environmental conditions.

D. Key Management Protocols

Key management is essential for maintaining the
integrity and confidentiality of shared data. Vari-
ous key management protocols have been proposed
to securely generate, distribute, and revoke crypto-
graphic keys in cloud environments. Key management
schemes often involve techniques such as key en-
cryption key (KEK) management, key derivation, and
key rotation to enhance security and mitigate risks
associated with key compromise.

E. Secure Data Sharing Protocols:
Researchers have developed secure data-sharing pro-
tocols specifically tailored for cloud services [10].
These protocols aim to facilitate efficient and secure
sharing of sensitive data among multiple users or
entities while preserving data confidentiality, integrity,
and availability. Examples include secure multi-party
computation (SMPC) protocols, secure data aggrega-
tion schemes, and secure data-sharing frameworks
built on cryptographic primitives.

F. Privacy-Preserving Techniques

Privacy-preserving techniques have been explored to
protect sensitive data from unauthorized access or
disclosure [11]. Techniques such as differential privacy,
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data anonymization, and secure multiparty compu-
tation enable data sharing while preserving individ-
ual privacy and confidentiality. These techniques are
particularly relevant in scenarios involving sensitive
operational data, financial information, or personally
identifiable information (PIl). Overall, related works in
secure data sharing in cloud services and operational
data in Cloud Computing encompass a broad range of
topics, including encryption techniques, access control
mechanisms, key management protocols, secure data
sharing protocols, and privacy-preserving techniques.
The ongoing research in this field aims to address
various challenges and requirements associated with
securely sharing sensitive data in cloud environments,
including data confidentiality, integrity, availability, scal-
ability, and interoperability.

Lagrange interpolation polynomial

The following provides a concise introduction to the
Lagrange interpolation polynomial, utilized in both
encryption and decryption procedures. In numerical
analysis and various applications, many practical is-
sues necessitate the representation of functions to
depict inherent relationships or patterns [13]. How-
ever, determining the precise relationship between
the variables x and y for numerous functions can
be exceedingly intricate and may not be discernible
through experimentation alone. The Lagrange interpo-
lation method facilitates the derivation of a polynomial
that intersects a finite set of points on the x-y plane.
This resultant polynomial is referred to as the La-
grange polynomial [12]. Mathematically, the Lagrange
interpolation polynomial constructs a polynomial func-
tion that passes through known points within a two-
dimensional plane. For instance, in an x-y plane, if
n+1 points are given as x0,y0, x1,y1, ..., xn,yn,
the Lagrange interpolation method furnishes a formula
for generating a unique polynomial of degree n that
traverses through these n+1 points. Given a set of
points x1, y1,x2, y2,...,xn, yn, the Lagrange interpola-
tion polynomial Lx is expressed as:
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The specific point of ¢;(x) is the derived value 1
from x;. Values from other points x; (where i # j) equal
0, the expression of which is as follows:

@M={Qf#i
1, i=]

The Lagrange polynomial is L(x) = Z;’:O yili(x).
That is the unique polynomial of degree n which
passes through the points (Xo, ¥0), (X1, Y1), - » (Xn, ¥n)-
For example, the binomial that passes through
(4,1),(5,5), and (6,10) when expressed in Lagrange
basic polynomial is as follows:

wo=(3=5) (3=6) - (50) (5=5).
6= (5=4) (5=2) @

By applying the Lagrange interpolation polynomial,
a single polynomial L(x) can be obtained as expressed
below:

L(x) = £(4)£1(x) + (5)¢2(x) + f(6)L3(x)

=1 (5=5) (5=¢) == (5=¢) (5=%)
+10 x (g:j) (%)

12 1

_§x75x75 (3)

It can be inferred that f(4)=1,f(5)=5,f(6)=10. By
applying this formula predicted values can be derived,
for example: to derive f(18), substitute x=18 in L(x),
and L(18)=f(18)=148 is derived.

This study introduces a dynamic access scheme
designed to securely manage upstream oil and gas
production operational data in Cloud computing en-
vironments. In this setup, multiple users can access,
modify, or share operational data, including append-
ing, revising, deleting, and querying information [14].
However, the access permissions for different users
can be complex, with distinct authorities depending
on their roles and responsibilities. For example, field
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engineers may have the ability to input real-time data
such as pressure readings and production rates. Once
supervisors or geologists provide their analysis and in-
terpretations, field engineers may no longer be able to
modify this information. Access to operational data may
vary based on technical expertise and departmental
affiliation, with even personnel within the same depart-
ment having restricted access. Beyond field engineers
and supervisors, other personnel such as technicians,
environmental specialists, and regulatory compliance
officers may also have varying levels of access for
specific tasks like updating equipment status, review-
ing environmental impact assessments, or examining
regulatory compliance records. Additionally, individuals
with lower authorization levels, such as contractors
or researchers, may be granted read-only access to
certain information. This access model extends beyond
traditional production sites, including remote drilling
operations, offshore platforms, and integrated asset
management scenarios.

Lagrange basis polynomials:
These Lagrange basis polynomials have the property
that:

n n
X — X
L= nll — (4)
iz0 =0 !

I=OXj_Xi
i#
() G (50) - (5)
Xj = Xo Xj = Xj=1) \Xj = X1 Xj = Xn
1<j<n (5)
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This polynomial L(x) passes through all the given
data points and can be used to approximate the func-
tion that generated those points over the range of x
values covered by the data.

Initialization:

This study employs a partially ordered access system,
with a central authority (CA) establishing the frame-
work. In this system, users are categorized into distinct
sets (Si for i = 0, 1, 2,..., n), representing security
classes. Each class is granted specific authorization
to access designated files, for which they receive
decryption keys for encrypted content.

The relationship between these sets is defined
by a binary partial order relation (<) over the set
(S, =), where S is the collection of security classes
(51, Sz, ..., Sn). Within this arrangement, §; < §;
(where i,j € N) indicates that users in class S; can
access data held by those in class S;, but not vice
versa.

For instance, if S; includes {1,2} and S; includes
{1,2,8}, with {1,2} < {1,2,3}, then S; is deemed to
be < S;. In the scenario where S; < S, it indicates
that users in S; have access to the decryption keys for
authorized files 1 and 2 in S;.

The upstream oil and gas production operational
data system encompasses a diverse range of users,
including field engineers, supervisors, geologists, tech-
nicians, environmental specialists, regulatory compli-
ance officers, contractors, and researchers, each as-
signed to a security class represented by S; with a
unique superkey H;, where i = 0,1, 2, ..., n. The central
authority (CA) establishes a structured framework for
these users, comprising n individuals forming two sets:
S= {81, Sg, ey Sn} and H = {H1 y H2, ey Hn}.

Figure 3 illustrates that Cloud computing services
offer a range of virtualized resources, accessible over
the Internet, to meet diverse computing needs [15].
These services include Infrastructure as a Service
(laaS), providing virtualized computing infrastructure
like servers and storage. Platform as a Service (PaaS)
offers development and deployment tools, enabling
developers to build and host applications without man-
aging underlying infrastructure. Software as a Service
(SaaS) delivers fully functional applications over the
Internet, eliminating the need for installation or main-
tenance. Additionally, cloud providers offer specialized
services such as database management, artificial intel-
ligence, and Internet of Things (loT) platforms. These
services are scalable, flexible, and pay-per-use, provid-
ing cost-effective solutions for businesses of all sizes.
This production operational data management system
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consolidates operational data from various sources
and users. Each user’s operational data is encrypted
to create an encrypted file stored on Cloud servers.
A central authority (CA) organizes these files into a
set (file O file1, file2,...., file) and generates a unique
decryption key (DKu) for each file (u = 1, 2, ..., m).
This encryption safeguards the files from unauthorized
access, ensuring data security and privacy.

A. Cryptography and encryption systems

While migrating upstream oil and gas production oper-
ational data to a cloud environment heightens security
risks, maintaining data integrity, confidentiality, and
availability remains imperative. Given that the opera-
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tional data management system’s core aim is to pro-
vide authorized users with secure access, we achieve
this goal through cryptography. Cryptography is the
science and practice of securing communication and
data by encoding information in such a way that only
authorized parties can access it. Encryption systems
use cryptographic algorithms to convert plaintext data
into ciphertext, making it unreadable to unauthorized
individuals. These systems typically involve the use
of cryptographic keys to encrypt and decrypt data,
with stronger encryption methods employing longer
and more complex keys. Cryptography and encryption
systems play a crucial role in protecting sensitive in-
formation across various domains, including communi-
cations, finance, and cybersecurity. They ensure data
confidentiality, integrity, and authenticity, safeguarding
against unauthorized access, tampering, and eaves-
dropping. Additionally, advancements in cryptography
continually drive innovation in security technologies,
enabling organizations to adapt to evolving threats and
regulatory requirements.

B. Algorithm for Encryption
We've designed an algorithm for a data security ser-
vice provider with the following features:

e |t incorporates defined keywords enabling inter-
net users to locate the owner of specific en-
crypted data.

e It allows individuals to securely share data with
their groups.

e |t offers individuals the ability to monetize their
data by selling it on the cloud.

e It enables organizations to share data with their
outsourced projects.

e |t facilitates organizations in sharing data with
their customers securely.

e |t provides organizations with the option to sell
their data to both other organizations and indi-
viduals.

Algorithm 1 Set Private
1: sets only the owner on ACL.
2: Set permission on ACL = P3.
3: If ACL matches the existing one, delete the new
one and set ACL = existing.
4: Set DAK = ACL.
5: Encrypt InD & save on storage.

To fulfill the previously outlined objectives, we have
devised an algorithm predicated on the requirement
that every individual accessing specific data must pos-
sess a cloud account, thereby establishing them as a

Dynamic Access Control Mechanisms for Secure Data Sharing in Cloud Services
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valid user. This algorithm operates by receiving input
data labeled as ’'InD’. Each document is assigned an
owner, whether an individual or an organization, with
an organizational document featuring an administrator
denoted as admin. Additionally, a Data Access Key
(DAK) is generated to serve as the identifier for the
Access Control List (ACL) associated with the InD.
This key is integrated into the file during encryption,
ensuring secure storage.

Implementing an upstream oil and gas production
operational data system in cloud computing involves
several key steps, including designing the architec-
ture, selecting appropriate cloud service providers,
implementing security measures, and integrating with
production systems. The system should ensure data
privacy, integrity, and availability while allowing autho-
rized users to access and manage their operational
data securely. Once implemented, the operational data
system can be evaluated based on various metrics
such as system performance, user satisfaction, data
security, and compliance with regulatory standards.
The results of the implementation can be assessed
through user feedback, system logs, and performance
monitoring tools.

Algorithm 2 For Inter Enterprise Access

1: Set an owner on ACL.

2: fori=11to ndo

3: Verify if U C C and CE C RC and UR = admin.
Add CE to the Organization Export on ACL.
If ACL matches the existing one, delete the new

and set ACL = existing.

6: Set DAK = ACL.

7: end for

8: Encrypt InD and save on storage.

4:
5:

Due to the lack of access to multiple clouds and
a large user base, we opted to conduct simulations
rather than real-world testing. Our algorithm outper-
forms existing approaches by minimizing the size of the
ciphertext while offering multilevel user access control.
Designed for an open community, our algorithm caters
to all seven types of data users. We conducted tests
using a 33-character Data Access Key (DAK), which
proved sufficient to assign unique keys to ftrillions of
files. Remarkably, this 33-character DAK only adds 34
bytes to the size of any appended file. The results of
implementing secure data sharing in cloud services
can be measured by evaluating the effectiveness of
access control mechanisms, the strength of encryption
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algorithms, and compliance with data protection reg-
ulations. Organizations may also conduct penetration
testing and security audits to identify and address any
vulnerabilities in the system. Overall, the successful
implementation of of upstream oil and gas production
operational data in cloud computing and secure data
sharing in cloud services requires a comprehensive
approach to design, implementation, and evaluation,
with a focus on protecting sensitive information and
ensuring user privacy and data security.

The graphical depiction of this concept is illustrated
in Fig. 5. Following implementation, we conducted tests
on the algorithm by adjusting the number of roles in
each iteration, yielding remarkable findings. The en-
cryption time remained consistent due to the retrieval
of roles from the database, as it solely generates a data
access key during encryption and embeds it into the
encrypted file. However, the decryption time showed a
slight increase with the enhancement of the number
of roles, as user access verification is performed from
the database. Nonetheless, this increase in decryption
time is minimal for small variations in the number of
roles. Moreover, data management remained relatively
consistent regardless of the number of roles.

The Lagrange interpolation polynomial can simplify key
management but may introduce complexity in compu-
tation and maintenance. To address this, efficient al-
gorithms and optimizations for polynomial interpolation
can be implemented, or hybrid approaches combining
polynomial interpolation with other key management
techniques can be considered. Scalability concerns
may arise due to the large number of users or frequent
changes in access rights. To improve scalability, the
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scheme should incorporate hierarchical or distributed
key management and use data structures that support
efficient updates and queries.

Computational overheads from Lagrange interpo-
lation and dynamic access control management could
impact system performance. Optimizing polynomial
computation and performing profiling and benchmark-
ing can help identify and address performance bottle-
necks. Storage requirements for key-related data and
access control information may be substantial, espe-
cially with a large number of users. Data compression
techniques and efficient data storage formats can re-
duce storage overhead. Security resistance to specific
attacks is crucial, and regular updates and audits can
adapt to new threats. User experience and usability
can be improved by developing user-friendly interfaces
and tools for managing access rights. Integrating the
scheme with existing systems can be challenging, but
using standard protocols and interfaces can facilitate
integration. Privacy preservation can be enhanced by
employing advanced techniques like homomorphic en-
cryption or secure multi-party computation.

Using upstream oil and gas production operational
data in the cloud presents a range of ethical implica-
tions, security risks, and mitigation measures. Opera-
tional data, which includes sensitive information about
production processes, equipment performance, and
operational strategies, can be sensitive and potentially
compromised by unauthorized access or misuse. Mis-
management can impact various stakeholders, includ-
ing local communities, employees, and business part-
ners. Data ownership disputes may arise, especially
if third-party cloud providers are involved, affecting
data control and utilization. Ethical considerations are
crucial, particularly in ensuring data is not exploited
for unintended purposes or harmful to people or the
environment. Lack of transparency in data handling
practices raises ethical concerns. Organizations must
ensure compliance with data use and privacy regula-
tions, maintaining ethical standards in their operations.

Cloud environments pose several security risks,
including data breaches due to unauthorized access,
insider threats, data integrity, and data loss due to ac-
cidental deletion, corruption, or failure of cloud service
providers. These risks can impact operational informa-
tion accuracy and reliability, as well as the reliability of
third-party cloud providers. Additionally, geographical
risks arise from the different laws and regulations gov-
erning data stored in cloud servers, potentially leading
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to legal and security issues. Therefore, it is crucial
to consider these potential risks when implementing
cloud solutions.

Data encryption is a crucial aspect of data pro-
tection, ensuring data is secure from unauthorized
access. It involves strong encryption standards, reg-
ular updates, and robust key management practices.
Access controls, such as role-based access controls
(RBAC) and Multi-Factor Authentication (MFA), add a
layer of security. Regular security audits and vulnerabil-
ity assessments are conducted to identify and address
potential weaknesses. Continuous monitoring and log-
ging of data access and usage are implemented to
detect and respond to suspicious activities promptly.
Regular data backup procedures and a disaster re-
covery plan are established to protect against data
loss. Compliance with data protection regulations and
industry standards is ensured. Clear contracts and ser-
vice level agreements (SLAs) with cloud providers are
negotiated to define responsibilities and expectations
related to data security and privacy. Employee training
on data security best practices and awareness pro-
grams are also provided to keep employees informed
about emerging threats and the importance of data
protection.

In conclusion, dynamic access control mechanisms
play a crucial role in ensuring secure data sharing
in cloud services, particularly in the context of up-
stream oil and gas production operational data. By
dynamically adapting access controls based on con-
textual factors such as user roles, privileges, and
environmental conditions, these mechanisms offer a
robust defense against unauthorized access and data
breaches. Through our exploration of dynamic access
control approaches leveraging Lagrange interpolation
polynomial and partial order relations, it is evident that
tailored combinations of these methods can effectively
address the unique security and privacy requirements
of cloud-based operational data management. More-
over, by incorporating encryption techniques, access
control models, and key management protocols, orga-
nizations can strengthen data security while facilitating
seamless and efficient data sharing and management
in cloud environments. However, challenges such as
interoperability, scalability, and user acceptance re-
main to be addressed to fully leverage the poten-
tial of dynamic access control mechanisms in cloud-
based operational data management. Moving forward,
continued research and innovation in this area are
essential to stay ahead of evolving threats and ensure
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the integrity, confidentiality, and availability of sensitive
operational data in the cloud.
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