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Abstract² Accidents are a major cause of concern anywhere in the world. According to the road 
 and highways ministry's report on Road Accidents in India, 2018, accidents are one of 

India¶s leading causes of mortality, accounting for around 64.4 percent of all deaths, and this 
number is steadily rising [1]. Identifying these accidents with the help of technology requires 
substantial research. This article mainly focuses on finding the best technology that is required for 
detecting traffic accidents. With the help of a 360 degrees surveillance camera, images such as 
automobile wrecks, blood, or a person laying on the road with no movement can be detected. This 
article discusses the technology and algorithm used to recognize and process images, as well as the 
technology that is utilized to alert hospitals for rapid assistance and to notify the victim ¶s 
dependents or emergency contacts. 
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Scenario-1: 

 

Scenario-2:

Scenario-3:

3. PROPOSED SOLUTION 

Figure 1. Block Diagram 

Figure 2. Flow chart of the proposed solution 

4. INTERNET OF THINGS (IoT) 

 

4.1 Raspberry Pi 
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Figure 3. Raspberry Pi 

4.2 GPS Module 

  

Figure 4. GPS Module 

4.3 GSM Module 

Figure 5. GSM Module 

5. DEEP LEARNING 
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5.1 Artificial Neural network (ANN) 

 

Figure 6. Artificial Neural Network 
 
5.2 convolutional Neural Network 
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Figure 7. Convolutional Neural Network 
 
5.3 Recurrent Neural Network 

6. ACTIVATION FUNCTION 

    

  that converts 

6.1 Linear Activation Function 

Figure 8. Linear Activation Function 

6.2 Non-Linear Activation Function 

6.2.1 Sigmoid Activation Function 
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Figure 9. Sigmoid Activation Function 

6.2.3 Rectified Linear Unit Activation Function 
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Figure 10. ReLU Activation Function 
 
6.2.3 Softmax Activation Function 
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7. OPTIMIZER 
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7.1 Gradient Descent Optimizer 

7.2 Stochastic Gradient Descent Optimizer 

7.3 Adaptive Gradient Descent Optimizer 

8. IMPLEMENTATION METHODS 

8.1 Using the CNN Model 
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Table 1. Loss and Accuracy of Train and 
Validation Data

 Epoch Loss Accuracy Val Loss Val 
Accuracy 

epoch 
1/5 

 

5.4577 0.5436 1.6529 0.4694 

epoch 
2/5 

 

0.6433 0.6523 0.9371 0.5000 

epoch 
3/5 

 

0.5999 0.6802 0.9210 0.4796 

Epoch 
4/5 

 

0.5447 0.7143 0.7910 0.5510 

Epoch 
5/5 

 

0.4574 0.7901 0.8555 0.5102 

 

Figure 11. Train and Validation Accuracy

Figure 12. Train and Validation Loss 

8.2 Implementation of CNN using VGG16 model 
and softmax function 

Table 2. Loss and Accuracy of Train and 
Validation Data

Epoch 5/5 0.3346 0.8496 0.3051 0.8571 
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Table 3. Model Summary 

Figure 13. Accuracy of train and validation 
data 

Figure 14. Train and Validation loss 

9. LIBRARIES IMPORTED 
 
9.1 Tensorflow 

9.2 Matplotlib 

9.3 Keras 

9.4 Pandas 

9.5 NumPy 

 

 

10. DATASET USED 
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Table 4. Dataset  

11. ALGORITHM

CONCLUSION 
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